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ABSTRACT 

This paper focuses on investment decisions in nascent, seed-stage startups, where information is 
scarce and uncertainty is intense. The entrepreneurship literature shows investment is a function 
of the investor-startup pair; some studies investigate startup characteristics, while others focus on 
investor traits. We complement extant work by studying factors beyond the investor-startup pair; 
namely, incidental contextual factors such as changes in the physical environment. Drawing on 
affect-as-information theory, we conjecture that, in the face of intense uncertainty, sunnier days 
may affect investors’ mood and result in a greater likelihood of investment. Archival and 
experimental analyses inform our predictions. The former utilizes proprietary data on 1,335 
startups graduating from European accelerators. Every accelerator holds a Demo Day, where 
startups pitch to investors. We find that graduating on a ‘sunnier’ day increases the likelihood of 
investment. The ‘sunnier’ effect is stronger under intense uncertainty, where startups (a) are 
nascent, or (b) the founders have limited human-capital. An experimental study where prospective 
investors evaluate a Demo Day pitch yields further insights. Not only do we find a positive 
sunshine-investment association, but also document the association is mediated by investors’ 
mood. Our findings complement extant work and contribute to the understanding of seed-stage 
investment decisions. 
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Here Comes the Sun:  
The Impact of Incidental Contextual Factors on Entrepreneurial Resource Acquisition 

 

Resource acquisition is a central feature of entrepreneurship. There has been significant recent 

interest in studying the mobilization of resources at the earliest stages of the entrepreneurial 

journey (Clough, Fang, Vissa & Wu, 2019; Huang, 2018). This reflects the sheer magnitude of 

early-stage activity, with over 4,700 seed-stage investments globally in 2019.1 Notably, seed-stage 

startups have no sales and face uncertainty on multiple fronts, including the viability of the 

technology, the ability to attain product-market fit, and the feasibility of the business-model. Seed-

stage investment, thus, is plagued by limited information and intense uncertainty (Ewens, Nanda, 

Rhodes-Kropf, 2018; Huang & Pearce, 2015). This begs the question: What explains seed-stage 

investment patterns? What factors affect investors’ decisions to fund highly uncertain startups? 

The entrepreneurship literature has a long tradition of studying investment patterns 

(Franke, Gruber, Harhoff & Henkel, 2006; Forbes, 2005; Vissa, 2011). The work broadly maps 

onto two distinct views. One view focuses on the characteristics of a focal startup. These studies 

document a set of startup-specific characteristics that investors focus on (Tyebjee & Bruno, 1984; 

Macmillan, Siegel, & Subbanarasimha, 1985; Franke, Gruber, Harhoff & Henkel, 2008; Petty & 

Gruber, 2011). Another view is concerned with investors. These studies uncover behavioral 

factors, such as social and cognitive influences, that systematically shape investment decisions 

(Brooks, Huang, Kearney & Murray, 2014; Franke et al., 2008; Guler, 2007; Vissa, 2011; 

Zacharakis and Shepherd, 2001). In sum, extant work explains variation in investment patterns as 

a function of the characteristics of the startup-investor pair.2 It is not a surprising conclusion, given 

 
1 Pitchbook data accessed March 25, 2020.  
2 Empirically, extant work studies investment as a function of the investor-startup pair; one stream focusing on the 

latter (heterogeneity in startup characteristics), and the other on the former (heterogeneity in investor traits).  
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that the work has traditionally studied situations where information about startups’ business 

traction or investors’ track record is available. At the seed stage, however, information is scarce 

and uncertainty is intense. Thus, identifying the factors that systematically affect seed-stage 

investment patterns calls for an investigation of a broader set of possible factors. 

The purpose of this paper is to address this call. We draw on contiguous disciplines with a 

long tradition of studying decisions under uncertainty. Behavioral economics and social 

psychology find that mood plays a key role in driving decisions (Loewenstein & Lerner, 2003). A 

notable finding is that incidental factors—namely, factors that are unrelated to the task at hand—

can affect mood and sway decisions (Bodenhausen, 1993; Elfenbein, 2007; Rick & Loewenstein, 

2008; Schwarz & Clore, 1983). This insight has been fully developed by affect-as-information 

theory (Clore & Schwarz, 1983; Loewenstein & Lerner, 2003). It argues that contextual factors 

(such as a change in the physical environment) can tip the balance towards specific decisions. 

Building on this theoretical mechanism, we seek to complement extant entrepreneurship literature. 

We posit that our understanding of seed-stage investment patterns could benefit from studying not 

only the characteristics of the startups or investors but also the role of incidental contextual factors, 

such as the environment in which the pair is situated. 

We focus on one incidental factor that has been frequently studied in the affect-as-

information literature; daily sunshine (Schwarz & Clore, 1983; Hirshleifer & Shumway, 2003). A 

daily change in realized sunshine duration constitutes a fleeting change in the physical 

environment. Importantly, this incidental change does not reveal any information about the focal 

startup, per se. It can, nonetheless, have a systematic impact on entrepreneurial resource 

acquisition. Exposure to sunshine acts as a stimulus and is associated with a better mood in general 

(Eagles, 1994; Kripke, 1994; Rind, 1996; Saunders, 1993), and among early-stage investors in 
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particular (see Figure 1 for anecdotal evidence). We conjecture that an investment is more likely 

if the entrepreneurial pitch is on a day that experiences an increase in sunshine. 

We test the predictions using archival data as well as an experimental study. The 

accelerator phenomenon offers an ideal setting for our investigation. Accelerators are fixed-term, 

startup-education programs that are an important source of seed-stage startups.3 An accelerator 

program culminates in an investor roadshow called ‘Demo Day,’ where all graduating startups 

pitch to a group of leading investors. We construct a comprehensive dataset of 1,335 early-stage 

startups graduating from leading European accelerators over 171 Demo Days. We find that startups 

graduating on a ‘sunnier’ day (i.e., Demo Day receives more sunshine than the preceding day) 

experience a greater likelihood of securing a Demo Day funding round compared to those 

graduating on ‘non-sunnier’ days. We further document that the ‘sunnier’ effect is sensitive to the 

level of uncertainty. Two moderators are observed: the effect is stronger for less mature startups, 

and those whose founders exhibit limited human capital. 

*****     Insert Figure 1 about here     ***** 

The experimental study substantiates the underlying theoretical mechanism (i.e., mood), 

which cannot be observed using archival data. Prospective investors watched a video of a Demo 

Day pitch and were asked to evaluate the investment opportunity. The findings replicated the real-

world evidence of a positive sunshine-investment association. Further analyses find evidence in 

support of our theoretical mechanism; namely, the positive association is mediated by investors’ 

mood. Taken together, the analyses document the impact of incidental factors in early-stage 

investments using both naturally occurring moods (Study 1: archival study) as well as participants 

with induced mood states (Study 2: experimental study).  

 
3 http://pitchbook.com/news/articles/one-third-of-us-startups-that-raised-a-series-a-in-2015-went-through-an-accelerator 
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To conclude, our study complements extant entrepreneurship literature. It contributes 

several nuanced insights, which are discussed in the conclusion section. For example, extant work 

shows that investment patterns reflects the heterogeneity in (a) startups’ quality or (b) investors’ 

cognitive style. We propose a third explanation, which looks at factors outside the investor-startup 

pair; namely, that variation may arise even in the case of a homogeneous pool of investors and 

startups, simply because some pairs are exposed to incidental contextual factors while others are 

not. The insight echoes work in behavioral economics, which underscores incidental contextual 

factors as key to understanding variation in decision making (Simonsohn, 2007). In other words, 

our understanding of seed-stage investment patterns would benefit from juxtaposing contextual 

factors in addition to traditional factors related to the investor-startup pair. 

 

THEORY DEVELOPEMENT 

Investment Decisions: Intense Uncertainty at the Seed Stage 

 Over recent decades, we witnessed a significant decrease in the cost of starting a business, 

which brought about a proliferation of nascent entrepreneurial ventures (Ewens, Nanda & Rhodes-

Kropf, 2018). These ventures—often referred to as seed-stage startups—usually have limited 

resources and are vying for capital. A parallel expansion took place on the investor side, with a 

vibrant community of angel investors, as well as the entrance of new investor types, such as 

business accelerators (Clough, Fang, Vissa & Wu,  2019; Drover, Busenitz, Matusik, Townsend, 

Anglin & Dushnitsky, 2017; Ewens et al., 2018).  

Seed-stage investors face significant uncertainty. Startups at that early stage usually have 

little traction on key business facets, e.g., technological viability, product-market fit, and business-

model feasibility. It follows that investment decisions are plagued with intense uncertainty because 

(a) there is little or no information on multiple facets of a startup’s operation, and (b) the 
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entrepreneurs have yet to identify, let alone mitigate the various business risks. Recently, 

entrepreneurship scholars recognized the unique challenges associated with seed-stage startups 

and began exploring which factors shape investors’ decisions (see review in the next section). 

We join this conversation and the investigation of investment under uncertainty. To that 

end, we focus on startups graduating from early-stage accelerators. The accelerator setting acts as 

an ideal window on resource mobilization at the earliest phases (Clough et al., 2019). Specifically, 

accelerators are fixed-term, cohort-based education programs for budding entrepreneurs. A 

program culminates with a Demo Day, where prospective investors observe pitches by graduating 

startups. The genesis of the phenomenon is attributed to the launch of Y-Combinator in 2005, and 

more broadly, to the proliferation of seed-stage startups (Ewens et al., 2018). A decade later, a 

third of all US startups that progressed to series A had graduated from an accelerator. Nowadays, 

hundreds of seed-stage startups graduate from dozens of accelerators across the U.S. and the world 

(Cohen, Fehder, Hochberg & Murray, 2019; Drover et al., 2017; Yu, 2020). 

To understand the decision to invest in seed-stage startups, we take the following steps. 

First, we review the entrepreneurship literature on investment decisions. Next, we proceed to 

introduce a novel mechanism based on the affect-as-information theory (Schwarz, 2012). The 

subsequent section integrates the discussion and derives testable hypotheses. 

Investment Decisions: Investment Drivers in the Entrepreneurship Literature 

Entrepreneurship literature has studied the factors driving investment decisions. There are 

two dominant streams of work; one focusing on the focal startup and its underlying characteristics, 

and another concerned with investors.  

The first stream focuses on startup characteristics. Early works documented the criteria that 

guide investors’ decisions. For example, Tyebjee & Bruno (1984) identify four investment criteria: 
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product viability, market size and potential, competition, and founders' quality. Macmillan et al. 

(1985) expand the list to six criteria and find that founding-team characteristics are key to future 

success. Their work was replicated across different geographies: Canada (Knight, 1994), Europe 

(Riquelme, 1994), and Japan (Ray & Turpin, 1991). Related works identify a host of cues that 

investors view favorably; e.g., the attainment of patents (Hsu & Ziedonis, 2013), affiliation with 

industry players (Stuart, Hoang & Hybels, 1999) and trusted parties (Shane & Cable, 2002), or 

founders’ professional and educational background (Burton, Sørensen & Beckman, 2002).  

This stream of work views investment decisions as a function of startups’ characteristics. 

It documents a set of objective criteria employed by investors. Variation in investment patterns, 

therefore, is driven by heterogeneity in information about the startups. A corollary observation is 

that collecting more information about a startup, to the extent available, should yield better 

predictions regarding its funding success. The discussion also underscores the challenge associated 

with seed-stage investment. That is because startups at that stage have little to show in the way of 

a product, patent, prominent industry partner, or paying customer.  

The second stream of work highlights the role of investors’ traits as drivers of investment 

decisions. Prior work finds persistent differences in investors’ tastes, documenting discrimination 

based on founder’s ethnicity (Bengtsson & Hsu, 2015; Pope & Sydnor, 2011), gender (Brooks et 

al., 2014; Coleman & Robb, 2009; Vismara & Benaroio, 2017), as well as a systematic pattern of 

homophily in investment decisions (e.g., Franke et al., 2008; Vissa, 2011). Another group of 

studies finds investors’ decisions are guided by feelings integral to the investment task. Namely, 

investment decisions can be sensitive to entrepreneurs’ affective state (Milovac & Sanchez-Burks, 

2014); e.g., increasing as entrepreneurs displayed passion (Cardon, Mitteness & Sudek, 2017), or 

when entrepreneurs introduce their venture with joy (Jiang et al, 2019). Moreover, the impact of 
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such displayed affect is a function of investors’ traits; e.g., older investors with a mentor-orientated 

personality are more likely to react to entrepreneurial passion (Mitteness, Sudek & Cardon, 2012). 

Along similar lines, investors ‘gut feeling’ drives their decision to fund early-stage startups; Huang 

& Pearce (2015) find that veteran investors rely on their integral, experience-based schema, which 

they have developed over prior investments. 

The works in this stream suggest that investment decisions follow investors’ traits. It is 

heterogeneity in investors’ traits that drives the investment patterns we observe. A corollary 

follows. For a focal investor, past investments reflect their accumulated experiences and decision 

style, and thus offer guidance about future decisions (Epstein & O’Brien, 1985). These insights 

help to explain seed-stage investments, i.e., the role of experience-honed ‘gut feeling.’ 

In summary, the entrepreneurship literature has a long tradition of studying investments in 

small and medium businesses. It finds that investment decisions are a function of the members of 

the investor-startup pair. Some studies focus on the characteristics of the latter (i.e., heterogeneity 

in startup characteristics); others investigate the traits of the former (i.e., heterogeneity in 

investors’ traits), while, more recently, some studies focus on the pair (Claes & Vissa, 2020; Huang 

& Knight, 2017). In parallel, the broader entrepreneurship literature has seen recent calls to 

embrace affect-based explanations. For example, Baron (2008) notes that affect can tip the balance 

towards specific actions, especially in contexts involving high uncertainty and unpredictability. 

Investment Decisions: The Role of Incidental Contextual Factors 

We propose that, in the presence of substantial uncertainty, investment decisions are 

affected by incidental contextual factors, e.g., a daily change in sunshine. Although such factors 

are incidental and do not carry information about the task at hand (i.e., the startup), they affect 

mood and can ultimately shape investors’ decisions. Our focus on contextual factors, therefore, 
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complements extant work that focuses on factors within the investor-startup pair. We shift 

attention from the characteristics of a startup or the traits of an investor to study the context in 

which the pair interact.  

To that end, we leverage insights on decisions under uncertainty from behavioral 

economics and social psychology (Loewenstein & Lerner, 2003), and specifically the mechanisms 

delineated by affect-as-information theory (Clore & Schwarz, 1983).4 The theory draws on the 

distinction between ‘integral’ and ‘incidental’ feelings (Bodenhausen, 1993; Rick & Loewenstein, 

2008). The former describes feelings related to the focal task; for instance, an investor may have 

a positive gut feeling about the entrepreneur. In contrast, incidental feelings arise from sources 

objectively unrelated to the task at hand (Rick & Loewenstein, 2008); for instance, an investor 

may be in a good mood on the day they meet the entrepreneur. 

A core postulate of affect-as-information theory is that the evaluation of a given decision 

mirrors one’s feelings or mood when making the decision. The critical issue is that “unfortunately, 

people are more sensitive to their feelings than to where their feelings come from.” (Schwarz, 

2012:295). In other words, individuals confuse incidental and integral feelings, such that their 

evaluation may, in fact, be misguided by the former.5 In their seminal study, Schwarz & Clore 

(1983) find that an individual’s evaluation of life-long satisfaction is sensitive to the daily weather, 

which they explain by the fact that sunny days evoke a positive mood.6 The theory emphasizes 

that cognitive processes and decision making are sensitive to the environment in which people 

 
4 In their literature review, Loewenstein & Lerner (2003) identify affect-as-information theory as the most well-

developed approach to studying the role of emotions as information into one’s decision making. 
5 Schwarz (2012) notes the distinction between feelings elicited by the object of judgment (i.e., ‘integral’ as per 

Bodenhausen’s, 1993), and ‘incidental’ feelings that are due to some other source (e.g., weather). The former often 
provides valid information about a person’s own response while the latter can be a source of misleading information. 
AAIT argues that individuals mistakenly perceive incidental feelings as being about the object of judgment. 

6 The theory argues that mood affects one’s judgment through the incidental-feeling mechanism (Schwarz, 2012). 
Broadly speaking, mood lacks a referent, while emotions have one; hence, we say that we are angry “about” 
something, but “in” a bad mood. Moods may last for an extended time and are often of low intensity (Morris, 1989).  
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operate (Schwarz, 2012; Smith & Semin, 2004), and specifically to changes in the state of the 

environment (Hansen, Dechêne & Wänke, 2008; Schwarz, 2012; Shen, Jiang & Advaval, 2010). 

That is, judgement is sensitive to contextual factors; changes in the environment can shape 

people’s mood and ultimately affect their judgment and decisions.  

There is a large body of evidence to that effect. Schwarz (2012) reviews a number of 

experiments that find an evaluation of a given task can be manipulated by introducing contextual 

changes that are unrelated to the task yet affect one’s mood. This body of evidence is consistent 

with the view that affect guides how we view and respond to the world (Frijda, 1988). Good mood 

informs us that the situation is favorable and that little monitoring and processing effort is required, 

whereas bad mood signals an incipient danger that necessitates careful attention and systematic 

analysis (Forgas, 1995; Schwarz, 1990). Along these lines, experimental work highlights the 

positive mood-judgment association. A positive mood is associated with loose and creative 

approaches that often yield positive judgment (Fiedler, 1988; Fiedler, Asbeck & Nickel, 1991; 

Isen, 1984, 1987), and a negative mood evokes more conservative and careful analyses that often 

result in negative evaluation (Forgas & Bower, 1987; Schwarz, 2012). 

Decisions that involve evaluation under uncertainty are particularly sensitive to incidental 

contextual factors. For example, Wright and Bower (1992) manipulated participants’ moods using 

visual cues (i.e., images) and recorded their subjective probability evaluation. The findings showed 

that happy participants thought positive events were more likely, and negative events were less 

likely, while sad participants exhibited an inverse pattern. Similarly, Nygren, Isen, Taylor and 

Dulin (1996) reported that participants in a positive mood overestimated probabilities of winning 

relative to probabilities of losing.  
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Beyond the laboratory, there is further evidence that affect is a salient information heuristic 

in the face of uncertainty (Forgas, 1995; Schwarz, Strack, Kommer & Wagner, 1987). Forgas and 

Moylan (1987) investigated the evaluation of uncertain, ‘open-ended’ issues in a large field study. 

On all questions, happy subjects made significantly more positive and lenient judgments than did 

sad subjects. Notably, mood was found to influence several highly consequential decisions, from 

college and medical school admissions (Redelmeier & Baxter, 2009; Simonsohn, 2007) to stock-

market investments (Edmans, Garcia & Norli, 2007; Hirshleifer & Shumway, 2003).  

To conclude, affect-as-information theory highlights the role of mood in decision making. 

Incidental changes in the environment may affect mood and inadvertently tip the balance towards 

specific judgments or actions. This effect is particularly strong in uncertain and unpredictable 

settings, such as seed-stage investments. Hence, there is an opportunity to advance our 

understanding of investors’ decisions by incorporating this theoretical mechanism. Insights from 

affect-as-information theory can thus complement entrepreneurship research—which has focused 

on the investor-startup pair—by studying (changes to) the context in which the pair is situated.  

Investment Decisions: The Sunshine Hypotheses 

We hypothesize that seed-stage investment decisions are affected by incidental contextual 

factors. Guided by affect-as-information studies, we focus on a salient contextual factor: daily 

sunshine (Schwarz & Clore, 1983; Saunders, 1993; Hirshleifer & Shumway, 2003). Because a 

daily change in sunshine is short-lived and unrelated to startups’ characteristics, it is often 

overlooked by practitioners and not incorporated into scholarly analyses of investment patterns. 

Accordingly, contextual factors have received little attention in the entrepreneurship literature to 

date. Yet, as the previous section suggests, there is merit to investigating the impact of contextual 

factors at the seed-stage where investors face intense uncertainty.  
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Accelerators make for an advantageous setting for our investigation. They afford a window 

on entrepreneurial resource mobilization at its earliest phases (Clough et al., 2019). Accelerator 

graduates are early-stage startups that exhibit high uncertainty. Investors meet the startups and 

contemplate investments during a pre-scheduled event, Demo Day. Hence, our hypotheses explore 

whether funding decisions are susceptible to incidental contextual changes on that day.  

Demo Day is a pitching event where entrepreneurs address a selected group of investors. 

It marks the culmination of each participating cohort. The date of the Demo Day is announced 

months in advance. During the event, the graduating startups pitch to an audience of prospective 

investors. Some startups succeed in attracting investments, while others do not. Anecdotal 

evidence suggests that Demo Day is a high-profile event for accelerator participants: “From the 

moment we stepped into the [accelerator program], everything was about the Demo Day.”7 These 

events attract the attention of the investor community. Because it can critically influence their 

graduates' prospects, each accelerator carefully curates participation and extends invitations to 

leading investors.8 In sum, Demo Day offers an ideal setting for studying the impact of incidental 

contextual factors on investment decisions.  

We focus on the change in Demo Day sunshine. The difference in sunshine hours between 

Demo Day and the preceding day is driven by a contextual factor; the weather. Because Demo 

Days are scheduled in advance, the weather on the day is not subject to manipulation. Notably, it 

 
7 Various entrepreneurs describing Demo Day experiences. Startup Podcast, Season 2 Episode 2 (Sound Cloud). 
8 Accelerators often curate participation in their Demo Days. Anecdotal evidence includes the London-based Cylon 

accelerator (“Each programme culminates in a Demo Day, when teams pitch to a curated, invite-only audience of 
over 150 customers and investors. ” www.cylonlab.com/what-we-offer/growth), the Paris-based Microsoft 
accelerator ( “Much like our first Demo Day in February 2014, over 200 attendees spent the day in Paris with our 
young companies, including 50+ investors from top funds like Accel, Index, Balderton, DFJ, Hoxton, Kima, Jaina, 
360 Capital, Partech, and more.” https://startups.microsoft.com/en-us/blog/satya-nadella-shares-the-stage-with-8-
startups-at-paris-demo-day), and the Berlin-based Startupbootcamp (“The room was filled to capacity… including 
high profile investors from Index Ventures, Hack FWD, Connect Ventures, and Point Nine… 
www.startupbootcamp.org/blog/2012/12/berlin-investor-demo-day). 

http://www.cylonlab.com/what-we-offer/growth
https://startups.microsoft.com/en-us/blog/satya-nadella-shares-the-stage-with-8-startups-at-paris-demo-day
https://startups.microsoft.com/en-us/blog/satya-nadella-shares-the-stage-with-8-startups-at-paris-demo-day
http://www.startupbootcamp.org/blog/2012/12/berlin-investor-demo-day
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is an incidental change that is unrelated to the task of evaluating a given startup. That is to say, an 

increase in Demo Day sunshine does not impact the innate quality of the startup, nor does it reveal 

any information about its economic potential. Simply put, the change in sunshine does not inform 

investors about the prospects of success for a focal startup. This incidental factor can, however, 

affect investors’ mood. More sunshine is associated with a better mood (De Silva, Pownall & 

Wolk, 2012; Eagles, 1994; Kliger et al., 2010; Kripke, 1994; Saunders, 1993; Rind, 1996). 

Following affect-as-information theory, such incidental mood influences how favorable prospects 

are viewed (Arkes, Herren & Isen, 1988; Johnson & Tversky, 1983), and the effect is especially 

strong where uncertainty is high (Clore, Schwarz & Conway, 1994; Forgas, 1995).  

We derive hypotheses regarding the role of incidental contextual factors at the seed stage. 

Investors attend a Demo Day to observe pitches by nascent startups whose prospects are highly 

uncertain. It is a setting where contextual changes can impact important economic decisions 

(Hirshleifer & Shumway, 2003; Schwarz, 2012; Rick & Loewenstein, 2008). Hence, a sunnier 

Demo Day can have a favorable effect on investors’ mood and ultimately sway their investment 

decisions. We contend that investment patterns are sensitive to a change in Demo Day sunshine.  

Hypothesis 1: For a given startup graduating on a given Demo Day, the sunnier the 
Demo Day (i.e., when the sunshine duration is higher relative to the previous day), 
the greater the likelihood of raising a Demo Day round.  
 
We proceed to explore the moderators of the sunshine effect. Absent information about the 

technology or customer acceptance, investors have to rely on their subjective evaluation of the 

probabilities of success. Recall that mood drives one’s decisions in uncertain situations where 

information is limited (Clore et al., 1994; Forgas, 1995; Forgas & Moylan, 1987). A positive mood 

is associated with over-estimating the probability of success, while a negative mood is associated 

with over-estimation of failure (Wright & Bower, 1992; Nygren et al., 1996). Along these lines, 
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good mood is associated with less critical information processing (Petty, Gleicher & Baker, 1991; 

Schwarz, 1990; Sinclair & Mark, 1995), and makes individuals more receptive to weak arguments 

(Schwarz, Bless & Bohner, 1991; Mackie & Worth, 1991). Notably, the impact of mood decreases 

as other relevant information becomes accessible (Schwarz, 2012). 

Guided by these insights, we explore two factors that moderate the association between 

Demo Day sunshine and investment decisions. The moderators focus on the level of uncertainty 

that investors face, which we capture using startups’ characteristics. Specifically, we consider 

startups’ maturity and the background of the founders. A significant research-design advantage of 

the next two hypotheses is that they exploit variation within a Demo Day but across startups. On 

a given Demo Day, for example, there may be some graduating startups that are more advanced 

than others. From the investors’ perspective, the less advanced startups are associated with more 

substantial uncertainty. It is for those startups that changes in daily sunshine (and ensuing mood) 

will have a greater impact on investors’ decisions. 

 Consider the age and maturity of a focal startup. An early-stage startup exhibits intense 

uncertainty because it usually has no track record across multiple business dimensions. An investor 

has to evaluate the probability of successfully developing the technology, the chances of reaching 

product-market fit, business-model feasibility, and so on. Because the evaluation of subjective 

probabilities is sensitive to one’s mood, we expect that investment decisions will be sensitive to 

contextual factors. An incidental increase (decrease) in sunshine hours may drive investors to over- 

(under-) estimate the probabilities of the focal startup delivering on each business dimension.  

In contrast, mature startups are more advanced and can share information about financial 

traction or present hard data about products and sales (Huang & Pearce, 2015; Zacharakis & 

Meyer, 1998). Hence, the more mature a startup is, the lower the level of uncertainty associated 
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with it (Gompers, 1996; Ewens et al., 2018). This is not to say that investors will be inclined to 

fund every mature startup; indeed, they will evaluate the data in hand and decide to forego specific 

investment opportunities. The key point is that, with mature startups, there are fewer facets of the 

business that require subjective evaluation. Hence, the assessment of these startups is less sensitive 

to incidental mood. We thus expect the effect of sunshine on a startup’s fundraising success to 

diminish as a function of startup maturity. 

Hypothesis 2: Startup maturity will moderate the positive association between 
sunnier Demo Day and subsequent funding success. The effect will be stronger for 
younger startups compared to more mature ones. 
 
Finally, we consider the moderating role of founders’ human capital. At the early stage, 

the main asset of a startup is the human capital of its founders (Huang & Pearce, 2015; Kaplan, 

Sensoy & Strömberg, 2009). Extant work explores the probability of startup success as a function 

of entrepreneurs’ human capital. It reports a positive and significant association with various 

founders’ characteristics, including educational background (Colombo & Grilli, 2005; Robinson 

& Sexton, 1994) and entrepreneurial experience (Gompers, Kovner, Lerner & Scharfenstein, 2008; 

Hsu, 2007). Accordingly, we conjecture that individuals possess substantial human capital if they 

have attained a post-graduate degree or have had a prior entrepreneurial experience.  

Experienced founders with high human capital are viewed favorably and usually secure the 

necessary funding (MacMillan et al., 1985; Hsu, 2007). However, many entrepreneurs lack prior 

founding experience and possess limited human capital. Investors would be cautious of the latter 

founders and perceive their prospects to be highly uncertain. The decision to invest, therefore, rests 

on investors’ subjective assessment of the founders and their likelihood of success. Our discussion 

of prior work suggests that individuals’ subjective assessments are sensitive to their mood (Wright 
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& Bower, 1992; Nygren et al., 1996). Therefore, we expect that the effect of daily changes in 

sunshine will be more substantial where investors evaluate founders with limited human capital. 

Hypothesis 3: Founders’ human capital will moderate the positive association 
between sunnier Demo Day and subsequent funding success. The effect will be 
stronger for founders with limited human capital compared to those who possess 
substantial human capital.  

 

METHODOLOGY 

We employ the two main approaches in the affect-as-information literature: archival data 

analyses (Hirshleifer & Shumway, 2003) and experiments (Schwarz & Clore, 1983). This is a 

common practice among recent entrepreneurship and management studies (Hekman, Johnson, Foo 

& Yang, 2017; Huang, Joshi, Wakslak & Wu, 2020; Jung, Vissa, & Pich, 2017). It offers the 

advantage of analyzing data from naturally occurring phenomenon as it is observed in the field, 

and supplementing those insights with a controlled laboratory analysis to verify the causal process 

and underlying mechanism. Study 1 analyses archival data and tests the hypothesized sunshine-

investment association and its moderators. Study 2 reports an experiment that captures the role of 

investors’ mood as a mediator of the sunshine-investment association. A discussion of the relative 

contributions of each method concludes.  

Study 1: Analysis of Archival Data 

The Setting. We study startups graduating from European accelerators. European cities host 

some of the most vibrant startup and accelerator landscapes outside the United States, with London 

widely considered to be the epicenter. The first major European accelerator, London-based 

Seedcamp, graduated its inaugural cohort in 2008, about two years after Y-Combinator.  

The accelerator phenomenon is an ideal setting for studying seed-stage investments 

(Clough et al., 2019). We exploit the fact that each graduating cohort culminates in a Demo Day 
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that is scheduled months in advance. Demo Day occurs on a predetermined date and enables us, 

the researchers, to observe and test the effect of contextual factors on the day.  

The Data. We created a proprietary dataset of startups graduating from European 

accelerators by (i) combining data from multiple venture capital (VC) databases; and (ii) hand-

collecting data from primary and secondary sources. Our efforts yielded data on 1,335 startups. 

The startups pitched during 171 Demo Day events in about a dozen major cities across Europe. 

We undertook the following steps to construct the dataset. 

First, we searched for ‘likely accelerators’ and identified about 55 European entities, based 

on a thorough search through major technology and VC-focused resources (e.g., TechCrunch). We 

were mindful that several of these entities interchangeably identified themselves as ‘accelerators’ 

and ‘incubators’; hence, we assessed each entity against five criteria.9 Out of the 55 entities, 24 

were either (a) misclassified as accelerators while being co-working spaces or incubators; (b) no 

longer active; (c) recently launched with no graduates as yet; or (d) did not have documented Demo 

Day dates. Therefore, we focused on 31 accelerators.  

Second, data on the accelerators and the identities of startups that graduated from their 

programs were collected from accelerators’ websites. Third, investment information was collected 

from Crunchbase and Beauhurst. The Crunchbase database contains detailed information on public 

and private companies on a global scale. It includes information on investments and funding 

information, founding members, and more. Crunchbase data is used in the literature (e.g., Cohen, 

Bingham & Hallen, 2019; Hochberg, 2016). The data was triangulated with Beauhurst, a research 

 
9 An accelerator can be characterized by five attributes (Cohen, 2013): (i) its business-support programs are preceded 

by a public call for applications, followed by a competitive selection process; (ii) the contract between the 
accelerator and a participating startup (often) involves the former purchasing an equity stake in the latter; (iii) in 
return, the startup receives free or subsidized workspace, sometimes a stipend for the founder(s), and mentorship by 
the accelerator team and panel of mentors; (iv) entries and exits are cohort-based, rather than individual startup-
based, with pre-scheduled start and graduation dates; and (v) cohorts culminate in a single-day investor roadshow 
event, the Demo Day, where entrepreneurs make short pitches to a room full of investors. 
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organization that maintains a VC database focusing on entrepreneurial organizations in the U.K.. 

Finally, we used data from primary research to validate the accuracy and expand coverage of our 

dataset. To that end, we sent email questionnaires to the managers of accelerators in our sample. 

The responses enabled us to validate data for accelerators and the graduating startups.  

Variables and econometric strategy. The unit of analysis is the startup. The dependent 

variable, Demo Day Funding, takes a value of one if a startup secures a Demo Day funding round 

and zero otherwise. We follow past practice and consider as a Demo Day round any financing 

round recorded within a 90-day period of the Demo Day date (Lerner, 1994; Guler, 2007).  

Main independent variable: Sunnier. The main independent variable captures the change 

in sunshine from the day before Demo Day to the day of Demo Day. The daily change in sunshine 

is a stochastic variable that takes random values.10 Our approach is informed by previous affect-

as-information studies and follows a key feature of human perception: individuals are attuned not 

to absolute levels but rather to changes from a reference point (Kahneman & Miller, 1986; 

Kahneman & Tversky, 1979).11 The variable Sunnier is defined as the difference between the 

number of hours of actual sunshine realized on a Demo Day and that on the previous day. To 

calculate the measure, we use historical weather data from Weather Online 

(www.weatheronlnie.co.uk). We validated the data against the National Oceanic & Atmospheric 

 
10 Daily change in sunshine is a stochastic variable (Hirshleifer & Shumway, 2003; Simonsohn, 2007). It is distinct 

from the daily change in daylight, which is a deterministic variable. That is because daylight length is an 
astronomical constant given by the period of the year (e.g., longest on the date of summer solstice); such that a 
change in daylight between one day and the previous day is deterministic. In contrast, the daily change in sunshine 
is a function of realized weather on specific dates (i.e., it is affected by daylight length as well as atmospheric factors 
such as cloud cover). It is a stochastic variable that takes random values.  

11 Kahneman and Tversky (1979) advance that humans are attuned to the evaluation of changes or differences rather 
than to the evaluation of absolute magnitudes. The AAIT literature focused on the impact of contextual changes. 
The work is often based on experimental methodology, which as Schwarz (2011) noted, inherently involves a change 
from baseline as part of the experiment. Archival studies similarly focus on daily changes. For example, Hirshleifer 
& Shumway’s (2003) study of daily stock-market returns focuses not on the absolute level of sunshine on the day, 
but rather on the daily change compared to a reference point.  
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Administration (the U.S. federal agency collecting weather data globally; Hirshleifer & Shumway, 

2003) wherever available. The data allows us to calculate sunshine hours with a precision of up to 

a quarter of an hour, or 15 minutes. 

Figure 2 illustrates that daily change in sunshine is a stochastic variable. It plots realized 

November sunshine in London for two years; 2008 and 2015. The second of November saw as 

little as 0.5 hours of sunshine in 2008, but as much as 1.75 hours in 2015. It is possible to 

experience zero hours of sunshine even in the summertime if the sky is overcast or there is fog. 

Our measure is distinct from the daily change in the length of daylight, which follows a 

deterministic pattern, increasing from the winter to the summer solstice and decreasing afterward.  

*****     Insert Figure 2 about here     ***** 

Moderating variables: Startup Maturity. A startup’s age is a proxy of its maturity 

(Gompers, 1996). The variable Startup Maturity is the time elapsed (in months) between the 

startup’s founding date and its Demo Day date. It is a continuous variable at the startup-level. All 

else being equal, the younger a startup, the greater the level of uncertainty associated with it.  

Entrepreneurial Human Capital. We use information about entrepreneurial experience and 

educational attainment as a proxy for founders’ human capital. First, we collected the founders’ 

names and basic professional profiles from Beauhurst and Crunchbase. We then complemented 

the data with information from the founders’ LinkedIn accounts. Each founder scores one if they 

have prior entrepreneurial experience, hold a master’s degree or higher, and zero else (Hallen, 

2008). The variable Human Capital is the overall score calculated as the mean value across a 

startup’s founders. It is a startup-level continuous variable that takes values between zero and one. 

Control variables. We include DD_Sunshine, the absolute realized sunshine hours on a 

Demo Day itself. Note that this variable is distinct from the independent variable, Sunnier, which 
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is an inter-day change in sunshine levels. Put another way, DD_Sunshine reports the absolute level 

of sunshine on a given day, while Sunnier reports the daily change. We also incorporate 

appropriate covariates, in line with VC literature. First, we control for several startup-specific 

characteristics. These include demographic characteristics of startup founders, such as the average 

age of the team (Team Avg. Age), and whether it has female participation (Team Has Female). The 

variable Prior Fundraising captures the total amount of capital raised by a startup before entering 

the accelerator. We introduce city fixed effects to control for the location of the startup and also 

create a vector of industry fixed effects based on the startup’s industry.  

In addition, we control for accelerator and cohort characteristics. To control for accelerator-

specific heterogeneity, we include accelerator fixed effects. Such issues could include, but are not 

limited to, the quality of the education and skills the accelerator offers, as well as the breadth and 

strength of its mentor community. Furthermore, we include controls for various cohort-level 

characteristics in order to account for differences across various cohorts of the same accelerator. 

Cohort size captures the number of startups participating in a focal cohort. We also include cohort 

averages of startup maturity and prior fundraising amount. 

Regression models. Given that the dependent variable is a binary variable, we use a binary 

logistic regression specification. This specification is commonly used in studies of entrepreneurial 

resource acquisition (Eggers & Song, 2015; Plummer, Allison & Connelly, 2016; Vissa, 2011). 

The errors were clustered at the cohort level. The findings are robust to other non-linear estimation 

methodology (probit) and Linear Probability Model OLS estimations.  

Results. Tables 1 and 2 report key descriptive statistics and pairwise correlations, 

respectively. The mean value of the dependent variable, Demo Day Funding, indicates that 17% 

of startups in our sample secured funding shortly after their Demo Day pitches. The main 
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independent variable, Sunnier, has a median and mean value of zero and a standard deviation of 

4.2 hours. It is in line with the theoretical discussion that the variation in sunshine from one day to 

another represents an incidental contextual factor that is random in nature. The median (mean) age 

of startups at the time of graduation is about 15 months (22 months). The founding teams vary in 

their entrepreneurial human capital, with a median (mean) score of 0.00 (0.19), indicating that the 

majority of them have limited background in terms of prior entrepreneurial and educational 

experiences. Finally, the number of graduates varies across accelerator cohorts, with a median 

(mean) cohort size of 12 (20) startups.  

*****     Insert Tables 1, 2 and 3 about here     ***** 

Table 3 presents the logit regression results. Model 1 reports a baseline regression, where 

we regress the likelihood of a Demo Day round on a vector of controls. Model 2 adds the 

independent variable, Sunnier. The coefficient is statistically significant (p < 0.01). It is also of 

substantial economic impact: an increase of one standard deviation in the daily change of Demo 

Day sunshine hours is associated with an increase of 3.6% in the likelihood of funding.12 It is a 

noteworthy increase, given that the population average of Demo Day Funding is 17%. The result 

supports Hypothesis 1: an incidental factor (i.e., a Demo Day experiences more sunshine than the 

previous day) is associated with a meaningful impact on investment patterns. Model 3 replicates 

Model 2 while excluding the control for absolute Demo Day sunshine. The results are robust to 

this specification; Sunnier remains positive and statistically significant (p < 0.04).  

Models 4 and 5 examine the moderating effects discussed in Hypotheses 2 and 3, 

respectively. Finally, Model 6 presents the full specification, including both moderators. We are 

mindful that, in a logistic specification, the marginal change in the value of the dependent variable 

 
12 Economic impact is calculated as the marginal effect where the value of Sunnier increases by one standard deviation 

(4.2 hours) from its mean value (zero), while holding all other variables at their mean.  
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depends not only on the coefficient of the interaction term but also on the levels of other covariates 

(Hoetker, 2007). Per extant work, we report a graphical representation of the interaction effect 

(Haas, Criscuolo & George, 2015; Criscuolo, Dahlander, Grohsjean & Salter, 2017; Zelner, 2009). 

Model 4 explores the sensitivity of the sunshine effect to startups’ maturity. To that end, 

we interact the variable Startup_Age with Sunnier. As for the coefficients on the main effects, the 

former remains negative and statistically insignificant (p < 0.62), while the latter is positive and 

significant (P < 0.04). The coefficient on the interaction term is positive yet not statistically 

significant at conventional levels (p < 0.77).  

As noted above, the economic magnitude cannot be inferred from standalone coefficients 

in logit models. We proceed with a graphical interpretation of the moderator (Figure 3). Panel A 

illustrates the likelihood of funding as a function of startup age. The solid line represents Demo 

Days that experienced no change in sunshine (Sunnier at its median value of 0.002 hours). The 

dashed line plots the likelihood of funding for startups graduating on Demo Days that experienced 

more sunshine than the previous day (Sunnier at its median plus one standard deviation; or 4.2 

hours). The lines exhibit a gentle upward slope and, notably, the dashed line is above the solid line.  

Panel B of Figure 3 reports the net effect of ‘sunnier’ Demo Days as a function of the 

startup age (think of it as subtracting the dashed line from the solid line in Panel A). The line 

increases monotonically. The dotted part of the line represents values that are statistically 

significant (P < 0.1). It shows the impact of ‘sunnier’ Demo Day is statistically significant for 

startups aged 50 months or less, which accounts for about 80% of the sample. The figure suggests 

an important boundary condition of the sunshine effect: it is observed predominantly for younger 

startups characterized by high uncertainty.  
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Model 5 investigates the moderating effect of founders’ human capital. The coefficient for 

Sunnier is positive and statistically significant (P < 0.01). The coefficients for Human Capital and 

the interaction term are not statistically significant at conventional levels (P < 0.31 and P < 0.67, 

respectively). Panel A of Figure 6 plots the interaction between Sunnier and Human Capital. The 

solid line denotes Demo Days that experienced no change in sunshine. The dashed line represents 

Demo Days that experienced more sunshine than the previous day (Sunnier at its median plus one 

standard deviation). Notably, the likelihood of funding is higher for the ‘sunnier’ Demo Days. 

Panel B reports the net effect (i.e., the gap between the two lines). It illustrates how the impact of 

sunshine changes as a function of a startup’s human capital. The dotted part shows the difference 

is statistically significant for startups where the founders possess lower levels of human capital 

(accounting for about two-thirds of the startups in our sample). In other words, the stimulating 

effect of Demo Day sunshine is observed where uncertainty is high. The figure underscores another 

boundary condition; the sunshine effect dissipates for the more experienced and educated founders.  

*****     Insert Figures 3 and 4 about here     ***** 

The findings are robust to a number of alternative specifications. First, we are aware that 

non-linear models, such as fixed effects logit, are susceptible to the incidental parameter problem. 

Hence, we estimate the models using Linear Probability Model OLS regressions (Vanacker, 

Forbes, Knockaert, Manigart, 2020; Zhelyazkov and Tatarynowicz, 2020). The LPM results 

appear in the online appendix (Table A1). The main effect of Sunnier is positive and significant 

(Model A1-1). The interactions with Startup Age and Human Capital are not statistically 

significant at traditional levels (see Models A1-2 and A1-5, respectively). In line with our 

hypotheses, supplementary split-sample analysis reveals that the Sunnier effect is positive and 

statistically significant for younger ventures (Model A1-3) and founders with limited human 
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capital (Model A1-6), but not for mature ventures or those with high human capital (Models A1-4 

and A1-&, respectively). Second, we ascertain that the findings are driven by sunshine changes on 

the day of Demo Day. To that end, we investigate the impact of daily sunshine changes during the 

five days before and after the Demo Day. The analyses for leading days appear in Tables A2 and 

A3 (replicating Models 2 and 3 of Table 3, respectively), and lagging days analysis appears in 

Tables A4 and A5 (replicating Models 2 and 3, respectively). Looking at the full model in each 

table (Models Ax-6), we note that the coefficient for Demo Day Sunnier is significant and higher 

than the other coefficients. Finally, we report splined models for Sunnier (Table A6).  

To conclude, analyses of investment patterns across 1,335 European startups find evidence 

of a positive sunshine-investment association. The economic impact is noteworthy: the likelihood 

of Demo Day investment increases by 3.6%, which is about 21% of the sample average. 

Supplementary analyses further point to two moderators: the positive association is stronger for 

younger startups and founders with lower human capital. In line with the theoretical mechanism, 

the sunshine-investment association is greatest when uncertainty is high.  

Study 2: Investment Decision Experiment 

To further tease out the mechanism underlying the sunshine-investment association, we 

conducted an experiment. The advantage of this methodology is twofold: (a) it allows us not only 

to document the sunshine-investment association but also to test for the theoretical mechanism 

(sunshine-mood-investment relationship); and (b) it controls for startup heterogeneity, holding the 

startup constant and testing the impact of contextual factors through random assignment.  

Experimental design. We present a randomized, between-subjects experiment. The 

experiment explores the impact of incidental contextual factors in the setting of early-stage 

investment. As with the archival study, we study investment opportunities pitched during Demo 
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Day. We followed Huang & Pearce (2015) and utilized recordings of entrepreneurs’ pitches during 

a recent Demo Day at a leading West Coast accelerator.  

In selecting which pitch to use, we took two steps. First, we identified all the pitches taking 

place during a ‘sunnier’ Demo Day to be aware of any effect on the pitching entrepreneur. Second, 

among these pitches, we selected one that successfully secured a funding round shortly after Demo 

Day. Recall that our objective is to explore the effect of contextual changes on investors’ decisions. 

By selecting a successful pitch, our participants are more likely to propose an investment.  

We sourced participants through a participant-panel organization, Prolific Academic, with 

strengths in recruiting participants for academic research (Peer, Brandimarte, Samat & Acquisti, 

2017; Miron-Spektor, Ingram, Keller, Smith & Lewis, 2018). The Prolific platform is used in 

recent experiments of early-stage investment decisions (Brooks et al., 2014; Kanze, Huang, Conley 

& Higgins, 2018; van Balen, Tarakci & Sood, 2018). Participants were pre-screened for their 

overall profile, as well as prior investment experience.  

The experimental manipulation — a mood induction — is introduced upfront where 

participants are presented with the task of assessing a Demo Day pitch. The opening page consists 

of a description of the weather and invites the participant to view and evaluate the pitch. The actual 

manipulation consists of a combination of a visual and a textual stimulus. Extant work suggests 

that a story or description with visual and textual cues is a highly effective mood-inducement 

procedure in general (Westermann, Spies, Stahl & Hesse, 1996; Verheyen & Göritz, 2009). 

Weather description, in particular, has been used in the past (Rind, 1996; Rind & Strohmetz, 2001).  

Accordingly, our experimental manipulation utilizes visual and textual cues of the weather. 

We randomly assign participants across two scenarios, which appear on the opening page of the 

survey instrument (see Figure 5). The first scenario consists of a page with two images of sunny 
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landscapes of San Francisco: a view of the Golden Gate, and a hilltop panorama of the city. On 

the same page, the following textual cue appears: “Imagine today is a sunny day. Yesterday’s 

clouds are nowhere to be seen. We would like to ask you a few simple questions. Would you like 

to proceed?” The second scenario presents a page with two cloudy images of San Francisco. The 

images are from the same vista point (i.e., the Golden Gate and a hilltop panorama), and the only 

difference is that the skies are cloudy. The textual cue on the page reads: “Imagine today is a 

cloudy day. Yesterday’s sun is nowhere to be seen. We would like to ask you a few simple 

questions. Would you like to proceed?”   

To capture participants’ mood, we administered the Positive And Negative Affect Schedule 

(PANAS) questionnaire. This is a standard psychological approach to measuring the affective state 

of participants (Watson, Clark & Tellegen, 1988). The approach has been widely used in the field 

of management (George & Zhou, 2007; Rothbard & Wilk, 2011). We followed past work and (a) 

used the PANAS short-form version (PANAS-SF), which consists of 10 questions (Karim, Weisz, 

Rehman, 2011; Rothbard & Wilk, 2011), and (b) deployed it immediately after the manipulation 

but before showing the pitch (Horne & Powell, 2016; Mittal & Ross, 1998; Seo & Barrett, 2007). 

Experimental Procedure. The experiment progresses as follows. The first page invites 

participants to undertake an evaluation of an early-stage investment opportunity. The page includes 

the mood-inducement manipulation described above. The next page introduces the PANAS-SF 

questionnaire.13 Once completed, participants move to a page containing an embedded video of 

the Demo Day pitch. On the following page, participants are asked about their investment decision. 

 
13 One concern is that the inclusion of the PANAS instrument may give rise to artificial demand effect. As a robustness 

test, we ran an additional experiment without the PANAS instrument. Analyses of the responses of 90 non-
overlapping participants yield similar results. This gives confidence that the reported sunshine-investment 
associations are not an artifact of the experimental design.  
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In the subsequent pages, there are questions regarding socio-demographic background and an 

attention check (Oppenheimer, Meyvis & Davidenko, 2009).  

We exclude participants who failed the manipulation and attention checks, as well as those 

with missing or inconsistent entries. The final pool consists of 92 participants, with about equal 

numbers randomly assigned to each of the two scenarios. As for key demographic attributes, 54% 

are male, and the average age is 34 years old. The average work experience is over 11 years, and 

about a third worked at a startup.  

Variables. The dependent variables capture two facets of the investment decision: 

investment attractiveness and investment amount. The first measure captures the extent to which 

participants view the startup as a viable and attractive investment opportunity (Brooks et al., 2014; 

Huang & Pearce, 2015; Huang et al., 2020). Specifically, the variable Attractive measures 

investment attractiveness using a 7-item Likert scale, where the value one denotes a highly 

unattractive opportunity and seven stands for a highly attractive opportunity. The second 

dependent variable captures the investment amount (Kanze et al., 2018; Li, Chen, Kotha & Fisher, 

2017).14  The variable Log(Amount) equals the natural log of the intended investment plus one.  

The independent variable denotes the sunshine manipulation. The variable Sunnier is a 

binary variable that equals 1 for the scenario where the day was described to be sunnier than the 

previous day, and 0 otherwise. The mediation variable, Mood, reports mood valence based on 

participants’ scores on the PANAS-SF instrument (Watson et al., 1988; Rothbard & Wilk, 2011).  

Analytic Approach. The experiment allows us to document the correlation between 

sunshine and investors’ decisions and further test whether investors’ mood mediates the 

 
14 Prior work captured investment decision using a variety of measures. They range from a binary “would / would not 

invest” (Chen et al., 2009), a Likert scale of the likelihood of investment (Huang et al., 2020), to a nominal 
investment amount (Kanze et al., 2018; Li et al., 2017). Following Huang & Pearce (2015), we asked respondents 
to report the intended investment amountusing a sliding scale with dollar amounts ranging from $0 to over $20,000. 
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relationship. We report three mediation tests that are common in the management and 

entrepreneurship literature. The first includes a three-step mediation regression analysis (Baron & 

Kenny, 1986; Chen et al., 2009; Krause, Whitler, and Semadeni, 2014, Hekman, Johnson, Foo and 

Yang, 2017; Shantz, Kistruck, Pacheco, and Webb, 2020); (1) estimating Sunnier as a predictor of 

investors’ decisions; (2) estimating Sunnier as a predictor of investors’ mood valance; and (3) 

estimating a full specification, including both Sunnier and Mood as predictors of investors’ 

decision. Mediation is possible if steps 1 and 2 yield significant results. Step 3 determines whether 

it is a full or partial mediation or none at all; i.e., Mood is considered a full mediator if only Mood 

is significant and Sunnier is not.15 Per prior work (e.g., Hekman et al., 2017), we complement this 

approach with two formal tests of the mediation statistical significance; a Sobel test and a bootstrap 

mediation analysis. The Sobel test (Sobel, 1982) assesses whether the variance in the dependent 

variable that is explained by Sunnier has been significantly reduced after the inclusion of the 

mediator, Mood. Because the Sobel test uses a normal approximation, which presumes a 

symmetric distribution, it may result in a bias. Thus, a third approach for testing the indirect 

mediation effect is bootstrapping (Preacher & Hayes, 2008). It is a non-parametric method based 

on resampling with replacement. Bootstrapping generates a sampling distribution used to 

determine a confidence interval. If zero is not in the interval, we can be confident that the indirect 

effect is different from zero.  

Results. In line with our predictions, the findings show more favorable investment 

decisions under the sunnier condition. Specifically, the level of attractiveness is higher in the 

sunnier condition with Attractive values as follows: sunnier (M = 5.1, SD = 1.6), not-sunnier (M 

= 4.3, SD = 1.4), t = 2.4, p = 0.02. A similar result is documented for the investment amount with 

 
15 Mood is considered a partial mediator of investors’ decision if both effects (sunshine and mood) remain significant. 

There is no mediation if the reverse holds: Mood is insignificant and Sunnier remains statistically significant.  
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Log(Amount) values at sunnier (M = 5.7, SD = 3.2) and not-sunnier (M = 4.3, SD = 3.5), t = 2.0, 

p = 0.04. Finally, we observe mood valance differs across the conditions with Mood values; sunnier 

(M = 1.8, SD = 1.0) and not-sunnier (M = 1.3, SD = 1.1), t = 2.1, p = 0.03.  

Next, we turn to test the mediating effect of mood. Table 4 (Panel A) reports a set of 

mediation tests for investors’ evaluation of investment attractiveness (Models 1 through 3). Model 

4A.1 regresses investment attractiveness, Attractive, on our indicator of sunshine manipulation, 

Sunnier. Because Attractive takes integer values between 1 and 7, we utilize an order probit 

regression. The coefficient on Sunnier is positive and statistically significant (p = 0.001). The 

experimental setting yields similar results to that of the archival analysis; we find a positive 

association between a sunshine stimulus and investors’ evaluations of a focal investment 

opportunity. In Model 4A.2, we regress investors’ mood valance, Mood, on the manipulation 

indicator, Sunnier. Because Mood is a continuous variable, we estimate an OLS regression. The 

coefficient on Sunnier is positive and statistically significant (p = 0.022). The results suggest the 

manipulation has the expected association with participants’ mood.  

*****     Insert Table 4 about here     ***** 

To complete the set of mediation tests, Model 4A.3 regresses Attractiveness on Sunnier 

and Mood. The coefficient on Mood is positive and statistically significant (p = 0.00). Sunnier also 

exhibits a positive and significant coefficient (p = 0.017). Next, we turn to test the statistical 

significance of the mediated effect. The Sobel test (Sobel, 1982) statistic is significant (t = 4.21, p 

= 0.00). To test the indirect effect of mood, we report bias-corrected results based on 1,000 

bootstrapped samples. The approach does not constrain the distribution of indirect effects and is 

ideal because such effects often follow non-normal patterns (Preacher & Hayes, 2008). The 

indirect effect was 0.105 and the 95% confidence interval (LLCI: 0.094, ULCI: 0.118) did not 
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straddle zero, indicating that the mediating effect was significant. Taken together, these tests 

suggest that mood mediates the association between sunshine and investment attractiveness. 

Panel B of Table 4 repeats the analyses using OLS regression across the three models. The 

results are robust to alternative estimation. Specifically, Model 4B.1 reports that sunshine is 

positively associated with investment attractiveness (p = 0.02). Model 4B.2 replicates Model 4A.2, 

where Sunnier is significantly associated with mood valence (p = 0.022). Model 4B.3 estimates 

the full specification and finds a positive and statistically significant coefficient for Mood (p = 

0.00) and an insignificant coefficient for Sunnier (p = 0.11). The Sobel test statistic is significant 

(t = 3.94, p = 0.00). Finally, bias-corrected results based on 1,000 bootstrapped samples yield an 

indirect effect of 0.083 (95% CI; LL: 0.071, CI: 0.097), which does not straddle zero. Together, 

the results indicate that mood mediates the sunshine-attractiveness association.  

Analyses of the second dependent variable, Log(Amount), are reported in Panel C of Table 

4. Model 4C.1 reports OLS regression of the investment amount on the sunshine-manipulation 

indicator. The coefficient on Sunnier is positive and statistically significant (p = 0.046). Model 

4C.2 replicates Model 4A.2, where Sunnier is significantly associated with mood valence (p = 

0.022). Model 4C.3 reports the full specification, where Log(Amount) is regressed on both Mood 

and Sunnier. The Mood coefficient is positive and statistically significant (p = 0.018). Sunnier also 

exhibits a positive and significant coefficient (p = 0.203). The Sobel test statistic is significant (t 

= 4.41, p = 0.00). We further calculate bias-corrected results based on 1,000 bootstrapped samples. 

The indirect effect was 0.409 and the 95% confidence interval (LLCI: 0.244, ULCI: 0.576) did not 

straddle zero, indicating that the mediating effect was significant. Hence, the results in Panel C 

suggest that mood mediates the association between sunshine and investment amount. 
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To conclude, the experimental analyses replicate the archival findings of a positive 

association between Demo Day sunshine and subsequent investment decisions. Moreover, the 

experimental evidence suggests investors’ mood mediates the positive association. These findings 

are in line with our hypotheses and the underlying theoretical mechanism. 

Insights Across the Archival and Experimental Approaches  

We employ an experiment as well as archival data to study the effects of incidental 

contextual factors. The strengths of one methodology can address concerns regarding the other’s 

weaknesses. We highlight some of the key insights and benefits below. 

Consider questions regarding the underlying mechanism. We study the effect of daily 

changes in sunshine on investors’ funding decisions. Building on affect-as-information theory, we 

stipulate that sunshine affects mood, which in turn influences investors’ decisions. One may argue 

that the analysis of archival data reports sunshine-investment correlations but does not capture the 

underlying role of investors’ mood. Our thoughts on this issue are twofold. First, we point to the 

experimental analysis, which explicitly measures mood valence. We capture mood immediately 

after the manipulation but before showing the investment opportunity. We find that (a) mood is 

sensitive to the manipulation, and significantly (b) investment amount and attractiveness are 

moderated by mood. The findings are consistent with the theoretical mechanism. Second, shifting 

back to the archival analysis, we recognize there is no direct proxy of mood. That said, Figures 3 

and 3 are indicative of the moderating role of startups’ age and founders’ human capital. That is, 

archival investment patterns suggests that the effect of mood prevails when uncertainty is high. 

Consider the issue of who is affected by changes in sunshine. One may argue that daily 

changes also influence the founders and the quality of their pitches. The experimental design helps 

to addresses this issue. It holds the pitch constant and applies the manipulation only to the 
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participants. Thus, the experimental findings suggest that the archival patterns may arise due to 

the effect on the investors.16  

Consider startup heterogeneity. One may argue that the investment patterns are driven by 

unobserved heterogeneity in the quality of the startups. Our thoughts on this concern are twofold. 

First, for this to hold true, one must assume that high-quality startups are scheduled to pitch on 

sunny Demo Days, while low-quality startups are not. We have no reason to believe there is merit 

to this assumption because Demo Days are scheduled in advance and include all the startups in the 

cohort. Second, the concern applies to the archival analysis, where we study over 1,300 startups 

that inevitably vary in quality. Again, the experimental design mitigates this concern: investors are 

presented with only one pitch, such that startup quality is held constant.  

Finally, one may question whether an experimental study that correlates a (brief) pitch with 

(pledged) funding decisions generalizes to real-world investment. Our thoughts on this issue are 

twofold. First, the archival analyses mitigate this concern because the dependent variable explicitly 

captures investment consummation. Specifically, we find that changes in sunshine on Demo Day 

do, indeed, correlate with actual investment in the pitching startups. Second, a related advantage 

of the archival analysis is that it uncovers the magnitude of the effect. Not only do we provide 

experimental evidence that transient changes are associated with investment decisions, but we also 

calibrate the magnitude of the impact using a sample of hundreds of startups.  
  

DISCUSSION AND CONCLUSION 

The proliferation of seed-stage startups has led to a growing interest in resource 

mobilization at the earliest stages of the entrepreneurial journey. Seed investors face a uniquely 

challenging task of evaluating nascent startups that lack track records or information about tangible 

 
16 It is possible that daily sunshine changes also affects entrepreneurs. This observation remains aligned with our 

contribution; i.e., the fact that contextual factors outside the investor-startup pair impact seed-stage investment.  
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proof points. In the face of intense uncertainty, investors may be sensitive to incidental contextual 

factors that sway their mood and investment decisions. We find evidence to that effect in naturally 

occurring investment patterns and present further corroborative experimental evidence.  

The key findings are as follows. First, analysis of fundraising by 1,335 startups graduating 

from European accelerators during 171 Demo Days reveals a systematic pattern. The likelihood of 

raising seed-stage funding is sensitive to contextual factors, such as a change in the level of 

sunshine on Demo Day. Second, we further find the ‘sunnier’ Demo Day effect is exacerbated 

with the level of uncertainty; it is stronger for nascent startups and those where founders exhibit 

limited human capital. Third, we supplement the analysis by experimentally inducing and 

measuring the role of mood. We find that the ‘sunnier’ effect is mediated by mood.  

The results add to our understanding of seed-stage investments. We contribute to the 

entrepreneurship literature and pursue the call for studying early-stage resource mobilization 

(Clough et al., 2019; Huang, 2018). Because seed-stage investment is plagued by intense 

uncertainty (Ewens et al., 2018; Huang & Pearce, 2015), we leverage theoretical mechanisms 

identified in disciplines with a long tradition of studying decision making. Drawing on behavioral 

economics and feeling-as-information theory, we note that contextual factors—such as a daily 

change in sunshine—evoke incidental feelings that affect one’s mood and judgment (Schwarz & 

Clore, 1983; Loewenstein & Lerner, 2003). The introduction of this theoretical mechanism offers 

several contributions to the entrepreneurship literature.  

First, we underscore the role of incidental contextual factors at the seed stage. Our focus is 

on the external physical environment in which the investor-startup pair is situated. Notably, these 

factors are unrelated to the innate characteristics of the startup; i.e., a daily increase in sunshine 

does not reveal information about the intrinsic economic potential of the focal startup. To the extent 



33 
 

that contextual factors are unrelated to startups’ characteristics, they are often overlooked by 

practitioners and unobservable to the academic researcher. These features explain why incidental 

contextual factors have received little attention in the entrepreneurship literature to date. 

Second, we complement extant work and call upon scholars to juxtapose incidental 

contextual factors in addition to traditional factors related to the investor-startup pair. Doing so 

may yield a greater understanding of seed-stage funding patterns and thus contribute to the 

entrepreneurship literature. To see this, recall that prior studies predominantly focused on the 

investor-startup pair; investigating investment outcomes either as a function of startups’ 

characteristics or investors’ experiences, disposition, and biases. We join the two streams of work 

and focus on the context in which the pair is situated. Our explanation complements prior work 

not only in focus but also in the rationale for when seed-stage investments take place (Table 5).  

Third, building on this, we propose that variation in funding outcomes can emerge even 

across a homogeneous pool of investors and startups, simply because some pairs are randomly 

exposed to incidental contextual factors. The implications for entrepreneurship scholars are 

twofold. First, our ability to explain variation in seed-stage investment patterns can be enhanced 

by juxtaposing contextual factors alongside startups’ characteristics and investors’ traits. This 

insight echoes work in behavioral economics, which underscores incidental contextual factors as 

crucial to resolving theoretical puzzles in observed decision making (Simonsohn, 2007). A second 

methodological implication follows. It guides scholarly efforts towards collecting data about 

startups and investors, as well as the context in which they are situated. Fortunately, this is a viable 

task nowadays as one can harness novel settings, such as accelerators (Clough et al., 2019), or take 

advantage of new technologies for precision recording of timing and location of human behaviors 

and interactions (Lederman, Fehder, Morales, Murray & Pentland, 2020).  
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*****     Insert Table 5 about here     ***** 

Finally, our study focuses on contextual factors as a source of incidental mood. It 

complements entrepreneurship studies that explore the impact of task-related mood. For example, 

recent work focused on the role of investors’ gut feelings and showed they represent experience-

based schema developed over prior investments. That is, they offer invaluable task-related 

information about the investment opportunity (Huang & Pearce, 2015; Maxwell & Levesque, 

2011). The same cannot be said about incidental feelings and the mood they evoke, which is, by 

definition, unrelated to the task at hand. Affect-as-information theory explicitly reckons that 

incidental mood (i.e., due to contextual changes) is distinct from integral mood (e.g., investors’ 

gut feeling). Whereas integral feelings usually provide valid, and thus invaluable, information, 

reliance on incidental feelings can be dysfunctional (Schwarz, 2011). Our investigation therefore 

complements and adds to existing insights in the entrepreneurship literature (see Table 5).  

This study has implications for business practitioners. First, it calls attention to the role of 

contextual factors. Rather than ignoring these incidental factors, one should heed their effect. Past 

work analyzing real-world data has focused on the sunshine phenomenon (Hirshleifer & 

Shumway, 2003; Redelmeier & Baxter, 2009; Simonsohn, 2007) or the World Cup spectacle 

(Edmans, Garcia & Norli, 2007). There is a plethora of laboratory-based work on the informational 

value of incidental moods, such as those induced by physical exercise (Emerson, Dunsiger & 

Williams, 2018) or exposure to the smell of chocolate-chip cookies (Ditto, Pizarro, Epstein, 

Jacobson & MacDonald, 2006). Hence, lab-based studies offer a key insight: although the presence 

of transient factors introduces a level of serendipity that makes prediction difficult, these effects 

accrue in a foreseeable way. Second, one may proceed to build on this insight and consider its 

implications. While one cannot control the sun or the outcome of major soccer matches, there may 
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be other contextual factors to consider. For example, building on the laboratory findings, future 

Demo Days may operate in such a way that they affect investors’ mood (e.g., choice of refreshment 

or the introduction of ‘walking’ Demo Days).  

Having outlined the paper’s contributions, we acknowledge its boundary conditions and 

limitations. First, the arguments developed in this study are calibrated to the realities of seed-stage 

investment and the intense uncertainty that characterizes them. This boundary condition implies 

that contextual factors and incidental mood need not play a similar role in the context of later-stage 

investment where a VC investment committee has prior knowledge of the startup. Indeed, the 

graphic patterns delineated in Figures 3 and 4 illustrate the boundary conditions; they show that 

the sunshine-investment association is attenuated as the level of uncertainty diminishes. Put 

differently, the affect-as-information logic need not apply beyond the seed stage. Second, we 

recognize this is an early effort to understand investment decisions in the context of nascent 

entrepreneurial resource acquisition. Our analysis captures Demo Day funding outcomes for 

hundreds of accelerator graduates, yet we lack detailed data regarding the investors who 

participated in those events. Future work could trace the movements of individual investors and 

thus directly map the impact of incidental contextual factors on their decisions. There is also an 

opportunity to examine whether the effect of daily sunshine plays out not only through the 

investors but also by impacting the entrepreneurs. Third, we documented the impact of daily 

sunshine on seed-stage investment across Europe. Future work could explore generalizability to 

different geographies as well as different contextual factors (e.g., choice of refreshment). Finally, 

on the measurement front, we have measured startup-level outcomes as a binary variable. Future 

work could explore alternative measures, such as pre-money valuation.  

  



36 
 

Acknowledgments. The authors thank Balagopal Vissa and three anonymous reviewers for their 
constructive comments and suggestions during the revision process. They thank the discussants 
and participants at AOM, DRUID, INSEAD IDEC and SMS Conferences, and seminar 
participants at LBS and Tel Aviv University. This research was generously supported by the 
Institute of Innovation and Entrepreneurship at LBS. The authors contributed equally and are listed 
alphabetically. 

Gary Dushnitksy (gdushnitsky@london.edu) is an Associate Professor of Strategy & 
Entrepreneurship at London Business School, and a Senior Fellow at the Mack Institute for 
Innovation Management at the Wharton School. Gary's work explores the shifting landscape of 
entrepreneurial finance, in general, and its implications to platform-business and ecosystems 
performance, in particular.  

Sayan Sarkar (ssarkar@london.edu) is a doctoral student in the Strategy & Entrepreneurship Area 
at London Business School. Sayan studies the intersection of investment decision-making and 
entrepreneurship.  

 

  



37 
 

REFERENCES 

Arkes, H. R., Herren, L. T., & Isen, A. M. (1988). The role of potential loss in the influence of affect on risk-taking 
behavior. Organizational Behavior and Human Decision Processes, 42(2), 181-193. 

Baron, R.A. (2008) The Role of Affect in the Entrepreneurial Process. Academy of Management Review, 33:328–340. 
Baron, R. M., & Kenny, D. A. (1986). The Moderator–Mediator Variable Distinction in Social Psychological 

Research: Conceptual, Strategic, and Statistical Considerations. Journal of Personality and Social 
Psychology, 51(6), 1173. 

Bengtsson, O., & Hsu, D. H. (2015) Ethnic matching in the U.S. venture capital market. Journal of Business Venturing, 
30(2): 338-354. 

Bodenhausen, GV. (1993). Emotions, Arousal, and Stereotypic Judgments: A Heuristic Model of Affect and 
Stereotyping. In DM. Mackie & DL. Hamilton (Eds.), Affect, cognition and stereotyping. Academic Press. 

Brooks, A. W., Huang, L., Kearney, S. W., & Murray, F. E. (2014). Investors Prefer Entrepreneurial Ventures Pitched 
by Attractive Men. Proceedings of the National Academy of Sciences, 111(12), 4427-4431. 

Burton, D. M., J. B. Sørensen, and C. M. Beckman (2002) Coming from Good Stock: Career Histories and New 
Venture Formation. In M. Lounsbury and M. J. Ventresca (eds.), Research in the Sociology of Organizations, 
19: 229–262. Greenwich, CT: JAI Press. 

Cardon, M. S., C. Mitteness, and R. Sudek (2017) Motivational Cues and Angel Investing: Interactions among 
Enthusiasm, Preparedness, and Commitment. Entrepreneurship Theory and Practice, 41: 1057-1085. 

Chen, X. P., Yao, X., & Kotha, S. (2009). Entrepreneur Passion and Preparedness in Business Plan Presentations: A 
Persuasion Analysis of Venture Capitalists’ Funding Decisions. Academy of Management journal, 52(1), 199-
214. 

Claes, K., B. Vissa (2020) Does Social Similarity Pay Off? Homophily and Venture Capitalists’ Deal Valuation, 
Downside Risk Protection and Financial Returns in India. Organization Science. 31:3, 576-603 

Clough, DR., TP Fang, B. Vissa, and A. Wu, 2019: Turning Lead into Gold: How Do Entrepreneurs Mobilize 
Resources to Exploit Opportunities? Academy of Management Annals, 13, 240–271. 

Clore, G. L., Schwarz, N., & Conway, M. (1994). Affective causes and consequences of social information 
processing. Handbook of Social Cognition, 1, 323-417. 

Cohen, S. L., Bingham, C. B., & Hallen, B. L. (2019). The Role of Accelerator Designs in Mitigating Bounded 
Rationality in New Ventures. Administrative Science Quarterly, 64(4), 810–854.  

Cohen, S., DC. Fehder, YV. Hochberg and F. Murray (2019) The design of startup accelerators. Research Policy, 
48(7): 1781-1797. 

Coleman, S., & Robb, A. (2009) A comparison of new firm financing by gender: Evidence from the Kauffman Firm 
Survey data. Small Business Economics, 33: 397–411. 

Colombo, M. G., & Grilli, L. (2005). Founders’ human capital and the growth of new technology-based firms: A 
competence-based view. Research Policy, 34(6), 795-816. 

Criscuolo, P., L. Dahlander, G. Grohsjean, and A. Salter (2017) Evaluating novelty: The Role of Panels in the 
Selection of R&D projects. Academy of Management Journal, 60(2): 433–460. 

De Silva, D. G., Pownall, R. A., & Wolk, L. (2012). Does the sun ‘shine’ on art prices? Journal of Economic Behavior 
& Organization, 82(1), 167-178. 

Ditto, P. H., Pizarro, D. A., Epstein, E. B., Jacobson, J. A., & MacDonald, T. K. (2006). Visceral Influences on Risk-
Taking Behavior. Journal of Behavioral Decision Making, 19(2), 99–113. 

Drover W; L. Busenitz; S. Matusik; D. Townsend; A. Anglin; G. Dushnitsky (2017) A Review and Roadmap of 
Entrepreneurial Equity Financing Research. Journal of Management 43(6): 1820-53 

Eagles, J.M. (1994). The relationship between mood and daily hours of sunlight in rapid cycling bipolar 
illness. Biological Psychiatry, 36(6), 422-424. 

Edmans, A., García, D. and Norli, Ø. (2007), Sports Sentiment and Stock Returns. The Journal of Finance, 62: 1967-
1998.  

Eggers, JP., and L. Song (2015) Dealing with Failure: Serial Entrepreneurs and the Costs of Changing Industries 
Between Ventures. Academy of Management Journal, 58: 1785–1803. 

Elfenbein, H.A. 2007. Emotion in Organizations. Academy of Management Annals, 1(1): 315-386. 



38 
 

Emerson, J. A., Dunsiger, S., & Williams, D. M. (2018). Reciprocal within-day associations between incidental affect 
and exercise: An EMA study. Psychology & Health, 33(1), 130-143. 

Epstein, S., O’Brien, E.J., (1985). The person–situation debate in historical and current perspective. Psychological 
Bulletin, 98: 513–537. 

Ewens, M., Nanda, R., Rhodes-Kropf, M., (2018). Cost of Experimentation and the Evolution of Venture Capital. 
Journal of Financial Economics, 128(3): 422-442. 

Fiedler, K. (1988). Emotional mood, cognitive style, and behaviour regulation. In K. Fiedler & J. Forgas (Eds.), Affect, 
cognition and social behavior. Gottingen, Germany: Hogrefe. 

Fiedler, K., Asbeck, J., & Nickel, S. (1991). Mood and constructive memory effects on social judgment. Cognition 
and Emotion, 5, 363-378. 

Forbes, D.P. (2005) Are some entrepreneurs more overconfident than others? Journal of Business Venturing, 20(5): 
623-640. 

Forgas, J. P. (1995). Mood and Judgment: The Affect Infusion Model (AIM). Psychological Bulletin, 117(1), 39. 
Forgas, J. P., & Bower, G. H. (1987). Mood effects on person-perception judgments. Journal of Personality and Social 

Psychology, 53(1), 53. 
Forgas, J. P., & Moylan, S. J. (1987). After the Movies: The Effects of Transient Mood States on Social Judgments. 

Personality and Social Psychology Bulletin, 13, 478-489. 
Franke, N., M. Gruber, D. Harhoff, J. Henkel (2006) What you are is what you like—similarity biases in venture 

capitalists’ evaluations of start-up teams. Journal of Business Venturing, 21 (6): 802-826.  
Franke, N., M. Gruber, D. Harhoff, J. Henkel (2008) Venture Capitalists’ Evaluations of Start‐Up Teams: Trade–Offs, 

Knock–Out Criteria, and the Impact of VC Experience. Entrepreneurship Theory and Practice 32 (3): 459-483. 
Frijda, N.H. (1988). The laws of emotion. American Psychologist, 43, 349-358. 
George J.M. and J. Zhou (2007) Dual Tuning in a Supportive Context: Joint Contributions of Positive Mood, Negative 

Mood, and Supervisory Behaviors to Employee Creativity. Academy of Management Journal 50(3): 605-622. 
Gompers, PA. (1996). Grandstanding in the venture capital industry. Journal of Financial Economics, 42(1), 133-56 
Gompers, P., Kovner, A., Lerner, J., & Scharfstein, D. (2008). Venture capital investment cycles: The impact of public 

markets. Journal of Financial Economics, 87(1), 1-23. 
Guler, I. (2007) Throwing Good Money after Bad? A Multi-Level Study of Sequential Decision Making in the Venture 

Capital Industry. Administrative Science Quarterly, 52(2):248-285. 
Haas, MR. P. Criscuolo, and G. George (2015) Which Problems to Solve? Online Knowledge Sharing and Attention 

Allocation in Organizations. Academy of Management Journal, 58(3): 680-711. 
Hallen, B. L. (2008). The Causes and Consequences of the Initial Network Positions of New Organizations: From 

Whom Do Entrepreneurs Receive Investments? Administrative Science Quarterly, 53(4), 685-718. 
Harrison, G. W., & List, J. A. Field Experiments. Journal of Economic Literature, 42(4), 1009-1055. 
Hansen, J., Dechêne, A. and Wänke, M. (2008) Discrepant fluency increases subjective truth. Journal of Experimental 

Social Psychology, 44, 687–691. 
Hekman, DR., SK. Johnson, MD. Foo, W. Yang (2017) Does Diversity-Valuing Behavior Result in Diminished 

Performance Ratings for Non-White and Female Leaders? Academy of Management Journal, 60: 771–797. 
Hirshleifer, D., & Shumway, T. (2003). Good Day Sunshine: Stock Returns and the Weather. The Journal of 

Finance, 58(3), 1009-1032. 
Hochberg, Y. V. (2016). Accelerating Entrepreneurs and Ecosystems: The Seed Accelerator Model. Innovation Policy 

and the Economy, 16(1), 25-51. 
Hoetker, G. (2007). The Use of Logit and Probit Models in Strategic Management Research: Critical Issues. Strategic 

Management Journal, 28(4), 331-343. 
Horne, Z. & D. Powell (2016). How Large is the Role of Emotion in Judgments of Moral Dilemmas? PloS one, 11(7). 
Hsu, D. H. (2007). Experienced entrepreneurial founders, organizational capital, and venture capital 

funding. Research Policy, 36(5), 722-741. 
Hsu, D.H. and Ziedonis, R.H. (2013), Resources as dual sources of advantage: Implications for valuing 

entrepreneurial‐firm patents. Strategic Management Journal, 34: 761-781. 
Huang, L. (2018) The Role of Investor Gut Feel in Managing Complexity and Extreme Risk. Academy of Management 

Journal, 61, 1821–1847. 



39 
 

Huang, L., P. Joshi, C. Wakslak, A. Wu. (2020) Sizing Up Entrepreneurial Potential: Gender Differences in 
Communication and Investor Perceptions of Long-Term Growth and Scalability. Academy of Management 
Journal, forthcoming. 

Huang, L., A.P. Knight (2017) Resources and Relationships in Entrepreneurship: An Exchange Theory of the 
Development and Effects of Entrepreneur-Investor Relationship. Academy of Management Review 42(1):80-102. 

Huang, L., & Pearce, J. L. (2015). Managing the Unknowable: The Effectiveness of Early-Stage Investor Gut Feel in 
Entrepreneurial Investment Decisions. Administrative Science Quarterly, 60(4), 634-670. 

Isen, A. (1984). Toward understanding the role of affect in cognition. In R. S. Wyer & T. K. Srull (Eds.), Handbook 
of Social Cognition. Hillsdale, NJ: Erlbaum. 

Isen, A. (1987). Positive affect, cognitive processes and social behaviour. In L. Berkowitz (Ed.), Advances in 
Experimental Social Psychology. San Diego, CA: Academic Press. 

Jiang, L., D. Yin, D. Liu (2019) Can Joy Buy You Money? The Impact of the Strength, Duration, and Phases of an 
Entrepreneur’s Peak Displayed Joy on Funding Performance. Academy of Management Journal, 62:1848–1871 

Johnson, E. J., & Tversky, A. (1983). Affect, generalization, and the perception of risk. Journal of Personality and 
Social Psychology, 45(1), 20. 

Jung, H., B. Vissa, M. Pich. (2017) How Do Entrepreneurial Founding Teams Allocate Task Positions? Academy of 
Management Journal, 60: 264–294. 

Kahneman, D., & Miller, D. T. (1986). Norm theory: Comparing reality to its alternatives. Psychological 
Review, 93(2), 136.  

Kahneman, D., & Tversky, A. (1979). Prospect Theory: An Analysis of Decision under Risk. Econometrica: Journal 
of the Econometric Society, 263-291. 

Kanze, D., Huang, L., Conley, M. A., & Higgins, E. T. (2018). We ask men to win and women not to lose: Closing 
the gender gap in startup funding. Academy of Management Journal, 61(2), 586–614 

Kaplan, SN., Sensoy, BA., & Strömberg, P. (2009). Should Investors Bet on the Jockey or the Horse? Evidence from 
the Evolution of Firms from Early Business Plans to Public Companies. The Journal of Finance, 64(1), 75-115. 

Karim, J., Weisz, R., & Rehman, SU. (2011) International positive and negative affect schedule short-form (I-PANAS-
SF): Testing for factorial invariance across cultures. Procedia - Social and Behavioral Sciences, 15, 2016-2022. 

Kliger, D., Raviv, Y., Rosett, J. G., Bayer, T., & Page, J. (2010). Auction Prices and the Weather: New Evidence from 
Old Masters. Available at SSRN 1666550. 

Knight, R. M. (1994). Criteria Used by Venture Capitalists: a Cross Cultural Analysis. International Small Business 
Journal, (13): 26–37.  

Kripke, M. L. (1994). Ultraviolet radiation and immunology: something new under the sun – presidential 
address. Cancer Research, 54(23), 6102-6105. 

Krause, R., KA. Whitler, and M. Semadeni (2014) Power to the Principals! An Experimental Look at Shareholder 
Say-On-Pay Voting. Academy of Management Journal, 57, 94–115. 

Lederman, O., D. Fehder, A. J. Morales, F. Murray, and A. Pentland (2020) Communication Patterns and Performance 
in Early Startups, USC Marshall School of Business working paper. 

Lerner, J. (1994). The Syndication of Venture Capital Investments. Financial Management, 16-27. 
Li JJ, Chen XP, Kotha S, Fisher G. (2017) Catching fire and spreading it: A glimpse into displayed entrepreneurial 

passion in crowdfunding campaigns. Journal of Applied Psychology. 102(7):1075-1090.  
Loewenstein, G., & JS Lerner (2003) The role of affect in decision making. In RJ. Davidson, KR. Scherer & HH. 

Goldsmith (Eds.) Handbook of Affective Sciences (p. 619–642) Oxford University Press. 
Mackie, D. M., & Worth, L. T. (1991). Feeling good, but not thinking straight: The impact of positive mood on 

persuasion. Emotion and social judgments, 23, 210-219. 
Macmillan, IC., R. Siegel, and P. N. Subbanarasimha (1985) Criteria used by venture capitalists to evaluate new 

venture proposals. Journal of Business Venturing, 1(1): 119-128. 
Maxwell, A. L., & Lévesque, M. (2014). Trustworthiness: A Critical Ingredient for Entrepreneurs Seeking Investors. 

Entrepreneurship Theory and Practice, 38(5), 1057–1080.  
Milovac, M. and J. Sanchez-Burks (2014) Positivity Makes for Poor Pitches: Affective Tone Conveyed by 

Entrepreneurs Shapes Support for Creative Ideas. Academy of Management Proceedings (1).  



40 
 

Mittal, V., & WT. Ross Jr (1998). The Impact of Positive and Negative Affect and Issue Framing on Issue 
Interpretation and Risk Taking. Organizational Behavior & Human Decision Processes, 76(3) 298-324. 

Mitteness, C., R Sudek, MS Cardon (2012). Angel investor characteristics that determine whether perceived passion 
leads to higher evaluations of funding potential. Journal of Business Venturing 27 (5), 592-606. 

Miron-Spektor, E., A. Ingram, J. Keller, WK. Smith, MW. Lewis (2018) Microfoundations of Organizational Paradox: 
The Problem Is How We Think about the Problem. Academy of Management Journal, 61: 26–45.  

Morris, W. N. (1989). Mood: The frame of mind. New York: Springer Verlag.  
Nygren, T.E., A.M. Isen, P.J. Taylor, J. Dulin (1996) The influence of positive affect on the decision rule in risk 

situations. Organizational Behavior and Human Decision Processes, 66: 59-72. 
Oppenheimer, D. M., Meyvis, T., & Davidenko, N. (2009). Instructional manipulation checks: Detecting satisficing 

to increase statistical power. Journal of Experimental Social Psychology, 45(4), 867–872 
Peer, E., Brandimarte L., Samat S., & Acquisti A. (2017) Beyond the Turk: Alternative platforms for crowdsourcing 

behavioral research. Journal of Experimental Social Psychology, 70: 153-163. 
Petty, RE., F. Gleicher, & SM. Baker (1991) Multiple roles for affect in persuasion. In J. P. Forgas (Ed.), International 

series in experimental social psychology. (pp. 181-200). Elmsford, NY: Pergamon Press. 
Petty, J.S. & M. Gruber (2011). “In pursuit of the real deal”: A longitudinal study of VC decision making, Journal of 

Business Venturing, 26(2): 172-188. 
Plummer, LA., TH. Allison, and BL. Connelly (2016) Better Together? Signaling Interactions in New Venture Pursuit 

of Initial External Capital. Academy of Management Journal, 59: 1585–1604. 
Pope, D.G. and J.R. Sydnor (2011) What's in a Picture? Evidence of Discrimination from Prosper.com. The Journal 

of Human Resources, 46(1): 53-92  
Preacher, KJ., & Hayes, AF. (2008) Asymptotic and resampling strategies for assessing and comparing indirect effects 

in multiple mediator models. Behavior Research Methods, 40(3): 879–891. 
Ray, D. M. & Turpin, D.V. (1993) Venture Capital in Japan. International Small Business Journal, 11(4): 39-56. 
Redelmeier, D.A., & Baxter, S.D. (2009). Rainy weather and medical school admission interviews. Canadian Medical 

Association Journal, 181(12), 933 
Rick, S., & Loewenstein, G. (2008). The role of emotion in economic behavior. In M. Lewis, J. M. Haviland-Jones, 

& L. F. Barrett (Eds.), Handbook of emotions (p. 138–156). The Guilford Press. 
Rind, B (1996) Effect of Beliefs about Weather Conditions on Tipping. Journal of Applied Social Psychology, 26; 

137–47. 
Rind, B. and Strohmetz, D. (2001), Effect of Beliefs About Future Weather Conditions on Restaurant Tipping. Journal 

of Applied Social Psychology, 31: 2160-2164. 
Riquelme, H. (1994). Venture Capitalists’ Collective Beliefs on New Business Venture Investments. Journal of 

Enterprising Culture, 2 (2), 629–667.  
Robinson, P. B., & Sexton, E. A. (1994). The effect of education and experience on self-employment success. Journal 

of Business Venturing, 9(2), 141–156. 
Rothbard, N.P., and S.L. Wilk (2011) Waking Up on the Right or Wrong Side of the Bed: Start-of-Workday Mood, 

Work Events, Employee Affect, and Performance. Academy of Management Journal 54(5): 959-980. 
Saunders, E. M. (1993). Stock prices and Wall Street Weather. The American Economic Review, 83(5), 1337-1345. 
Schwarz, N. (1990) Feelings as information: Informational and motivational functions of affective states. In E.T. 

Higgins and R. Sorrentino (eds), Handbook of Motivation and Cognition: Foundations of Social Behavior, 2, 
527–561. New York: Guilford Press. 

Schwarz, N. (2012). Feelings-as-information theory. In P.A.M. Van Lange, A.W. Kruglanski, & E.T. Higgins (Eds.), 
Handbook of Theories of Social Psychology (p. 289–308). Sage Publications  

Schwarz, N., Bless, H., & Bohner, G. (1991). Mood and Persuasion: Affective States Influence the Processing of 
Persuasive Communications. In MP. Zanna, , Advances in Experimental Social Psychology. Academic Press. 

Schwarz, N., Clore, GL (1983) Mood, misattribution, and judgments of well-being: Informative and directive 
functions of affective states. Journal of Personality & Social Psychology, 45: 513-523.  

Schwarz, N., Strack, F., Kommer, Wagner, (1987). Soccer, rooms and the quality of your life: Mood effects on 
judgments of satisfaction with life in general and with specific life domains. European Journal of Social 
Psychology, 17, 69-79. 



41 
 

Seo, MG and LF. Barrett (2007) Being Emotional During Decision Making—Good or Bad? an Empirical 
Investigation. Academy of Management Journal, 50, 923–940. 

Shane, S., & Cable, D. (2002). Network Ties, Reputation, and the Financing of New Ventures. Management Science, 
48(30): 364-381. 

Shantz, AFS., GM. Kistruck, DF. Pacheco, and JW. Webb (2020). How Formal and Informal Hierarchies Shape 
Conflict within Cooperatives: A Field Experiment in Ghana. Academy of Management Journal, 63, 503–529. 

Shen, H., Jiang, Y. and Advaval, R. (2010) Contrast and Assimilation Effects of Fluency. Journal of Consumer 
Research, 36, 876–889. 

Simonsohn, U. (2007). Clouds make nerds look good: field evidence of the impact of incidental factors on decision 
making. Journal of Behavioral Decision Making, 20: 143-152.  

Sinclair, R. C., & Mark, M. M. (1995). The effects of mood state on judgemental accuracy: Processing strategy as a 
mechanism. Cognition & Emotion, 9(5), 417-438. 

Smith, E.R., & Semin, G.R. (2004). Socially Situated Cognition: Cognition in its Social Context. Advances in 
Experimental Social Psychology, 36, 53-117. 

Sobel, M. E. (1982). Asymptotic Confidence Intervals for Indirect Effects in Structural Equation Models. Sociological 
Methodology, 13: 290–312.  

Stuart, T. Hoang, H., & Hybels, R. C. (1999). Interorganizational Endorsements and the Performance of 
Entrepreneurial Ventures. Administrative Science Quarterly, 44(2), 315-349. 

Tyebjee, T., AV. Bruno (1984) A Model of Venture Capital Investment Activity. Management Science 30: 1051-66. 
Vanacker, T., Forbes, D. P., Knockaert, M., & Manigart, S. (2020). Signal strength, media attention, and resource 

mobilization: evidence from new private equity firms. Academy of Management Journal, 63(4), 1082-1105. 
van Balen, T., Tarakci, M., & Sood, A. (2019). Do Disruptive Visions Pay Off? The Impact of Disruptive 

Entrepreneurial Visions on Venture Funding. Journal of Management Studies, 56(2), 303-342. 
Verheyen, C., AS Göritz, (2009) Plain Texts as an Online Mood-Induction Procedure. Social Psychology,40(1):6-15 
Vismara, S., & Benaroio, D. (2017). Gender in Entrepreneurial Finance: Matching Investors and Entrepreneurs in 

Equity. Gender and Entrepreneurial Activity, 11: 271. 
Vissa, B. (2011). A Matching Theory of Entrepreneurs’ Tie Formation Intentions and Initiation of Economic 

Exchange. Academy of Management Journal, 54(1), 137-158. 
Watson, D., Clark, L. A., & Tellegen, A. (1988). Development and validation of brief measures of positive and 

negative affect: the PANAS scales. Journal of Personality and Social Psychology, 54: 1063-1070.  
Westermann, R., Spies, K., Stahl, G., Hesse, F.W. (1996). Relative effectiveness and validity of mood induction 

procedures: a meta‐analysis. European Journal of Social Psychology, 26: 557-580.  
Wright, W.F., G.H. Bower (1992) Mood Effects on Subjective Probability Assessment. Organizational Behavior and 

Human Decision Processes, 52: 276-291. 
Yu, S. (2020) How Do Accelerators Impact the Performance of High-Technology Ventures? Management Science 66 

(2), 530-552. 
Zacharakis, A.L., and Meyer, G.D. (1998) Do Venture Capitalists Really Understand Their Own Decision Process? 

A Special Judgement Theory Perspective. Journal of Business Venturing, 13: 57–76.  
Zacharakis, A.L., & Shepherd, D.A. (2001) The nature of information and overconfidence on venture capitalists’ 

decision making. Journal of Business Venturing, 16: 311–332.  
Zelner, B.A. (2009). Using simulation to interpret results from logit, probit, and other nonlinear models. Strategic 

Management Journal, 30(12), 1335-1348. 
Zhelyazkov, P. I., & Tatarynowicz, A. (2020). Marriage of Unequals? Investment Quality Heterogeneity, Market Heat, 

and the Formation of Status-Asymmetric Ties in the Venture Capital Industry. Academy of Management Journal. 



42 
 

Table 1: Summary Statistics of Key Variables (Archival Data) 

Variable Mean Median Std. Dev. Min Max 

Demo Day Funding 0.17 0.0 0.37 0.0 1.0 

Sunnier 0.00 0.00 4.20 -8.25 10.75 

Venture Maturity (months) 22.25 14.77 18.88 0.0 119.73 

Human Capital 0.19 0.00 0.29 0.0 1.0 

Team avg. Age 33.16 32.0 6.26 21 72 

Team incl. Female 0.21 0.0 0.41 0.0 1.0 

Prior funding 158.99 0.0 826.94 0.0 12,600 

DD Sunshine  3.54 2.25 3.47 0.0 13.0 

Cohort size 19.60 12.0 14.70 1.0 54.0 

Cohort avg. Age  22.69 22.63 9.90 4.36 79.99 

Cohort prior funding 155.79 0.60 298.78 0.0 2,177.73 

 

 

Table 2: Pairwise Correlation Matrix of Key Variables (Archival Data) 

 1 2 3 4 5 6 7 8 9 10 
1 1.0          
2 0.02 1.0         
3 0.06 0.03 1.0        
4 0.00 0.03 0.03 1.0       
5 0.03 0.02 0.18 0.11 1.0      
6 0.03 -0.00 0.01 0.04 -0.01 1.0     
7 0.00 0.07 0.14 -0.03 0.06 -0.04 1.0    
8 0.01 0.64 0.01 -0.00 0.04 0.02 0.08 1.0   
9 0.07 -0.08 0.04 -0.08 0.02 0.12 0.12 -0.13 1.0  
10 0.12 0.06 0.44 -0.00 0.14 -0.03 0.11 0.03 0.03 1.0 
11 0.08 0.18 0.16 -0.02 0.09 -0.01 0.36 0.22 0.34 0.28 

Variable List: 1 = Demo Day Funding, 2 = Sunnier, 3 = Venture Maturity (months), 4 = Human Capital, 5 
= Team avg. age, 6 = Team incl. female, 7 = Prior funding, 8 = DD_Sunshine, 9 = Cohort size, 10 = 
Cohort avg. age, 11 = Cohort prior funding. 
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Table 3: Analysis of Archival Data:  
       Logistic Regression of the Likelihood of a Demo Day Funding Round 

DV= Demo Day 
Funding 

(1) (2) (3) (4) (5) (6) 

Sunnier -- 0.0824* 0.0473* 0.0764* 0.0855* 0.0799* 
  [0.0322] [0.0230] [0.0382] [0.0342] [0.0398] 

  * Venture age -- -- -- 0.0003 -- 0.000284 
    [0.00103]  [0.00103] 

  * Human capital -- -- -- -- -0.0262 -0.0263 
     [0.0614] [0.0614] 

Venture age -0.0023 -0.00248 -0.00249 -0.00252 -0.00268 -0.00272 
 [0.00504] [0.00506] [0.00504] [0.00507] [0.00506] [0.00508] 

Human capital -0.206 -0.247 -0.221 -0.248 -0.278 -0.279 
 [0.272] [0.274] [0.273] [0.274] [0.275] [0.275] 

Team avg. age 0.00581 0.00641 0.00641 0.00658 0.00696 0.00713 
 [0.0130] [0.0131] [0.0131] [0.0131] [0.0131] [0.0131] 

Team incl. female -0.0129 0.00913 -0.00821 0.0138 -0.00692 -0.00224 
 [0.205] [0.207] [0.206] [0.207] [0.207] [0.208] 

Prior funding 9.39E-08 9.57E-08 9.57E-08 9.38E-08 9.42E-08 9.24E-08 
 [9.37e-08] [9.38e-08] [9.40e-08] [9.42e-08] [9.40e-08] [9.44e-08] 

DD Sunshine 0.00992 -0.0744 -- -0.0754 -0.0711 -0.072 
 [0.0340] [0.0474]  [0.0476] [0.0476] [0.0477] 

Cohort size -0.0336* -0.0324* -0.0325* -0.0325* -0.0327* -0.0329* 
 [0.0157] [0.0157] [0.0159] [0.0157] [0.0157] [0.0157] 

Cohort avg age -0.00126 0.00394 0.00339 0.00403 0.00499 0.00506 
 [0.0165] [0.0167] [0.0166] [0.0167] [0.0167] [0.0167] 

Cohort avg pr fnd 0.000 0.000 0.000 0.000 0.000 0.000 
 [0.00] [0.00] [0.00] [0.00] [0.00] [0.00] 

Startup city FE Included Included Included Included Included Included 

Startup sector FE Included Included Included Included Included Included 

Accelerator FE Included Included Included Included Included Included 

N 1,335 1,335 1,335 1,335 1,321 1,321 

St. Dev. statistics in brackets 
+ p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 
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Table 4: Analysis of Experimental Data:  
       Mediation Test of the Sunshine—Mood—Investment Relationship  

Panel A 
(Ordered probit)  DV =  

(4A.1) 
Attractive 

(4A.2) 
Mood 

(4A.3) 
Attractive 

Sunnier 0.150 ** 0.364 * 0.115 * 
 [0.047] [0.083] [0.048] 
Mood     0.106 *** 
   [0.007] 
Constant 1.793 *** 1.404 *** 1.963 *** 
 [0.540] [0.065] [0.309] 

N 92 92 92 
Attractive is estimate using Order Probit regression (Models 1 and 3) and Mood is estimated using OLS 
regression (Model 2). St. Dev. statistics in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 

 

 

Panel B 
(OLS)                DV =  

(4B.1) 
Attractive 

(4B.2) 
Mood 

(4B.3) 
Attractive 

Sunnier 0.165 * 0.364 * 0.134 
 [0.072] [0.083] [0.082] 
Mood     0.084 *** 
   [0.010] 
Constant 4.313 *** 1.404 *** 4.195 *** 
 [0.201] [0.065] [0.201] 

N 92 92 92 
All the models are estimated using OLS regressions.  
St. Dev. statistics in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 
 
 

 

Panel C 
(OLS)                DV =  

(4C.1) 
Log(Amount) 

(4C.2) 
Mood 

(4C.3) 
Log(Amount) 

Sunnier 0.996 * 0.364 * 0.847 
 [0.303] [0.083] [0.522] 
Mood     0.410 * 
   [0.085] 
Constant 4.498 ** 1.404 *** 3.922 ** 
 [0.768] [0.065] [0.590] 

N 92 92 92 
All the models are estimated using OLS regressions.  
St. Dev. statistics in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 
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Table 5: Investment Pattern Explanations 
 Startup’s Characteristics Investor’s Traits Incidental Contextual Factors 

Where is the 
focus? 

• Within the investor-startup pair. 
• Specifically, factors associated 

with one facet of the pair; startup’s 
characteristics. 

• Within the investor-startup pair. 
• Specifically, factors associated 

with one facet of the pair; 
investor’s traits. 

• Outside the investor-startup pair. 
• Specifically, incidental contextual 

factors such as changes in the 
physical environment. 
 

What drives 
investment 
decisions? 

• Startup’s characteristics. 
• There are several facets of the 

startup (e.g., market, team, 
competition, etc.). 

• Heterogeneity in startups’ intrinsic 
quality is viewed as the root cause 
of variation in investment patterns. 

• Investor’s individual traits and 
cognitive style. 

• Note: the focus is on one facet of 
the investor-startup pair. 

• Investors vary in their cognitive 
style and social influences (e.g., 
over-confidence, ethnic and 
gender preferences, etc.). 

• Heterogeneity in investors’ traits 
is viewed as the root cause of 
variation in investment patterns.  

• Incidental contextual factors:  
(a) a contextual shock, that is  
(b) unrelated to the investment. 

• May arise in the face of high 
uncertainty (e.g., absent 
information on venture’s 
characteristics). 

• A homogenous pool of investors 
may make different investments 
simply because investors are 
subjected to different contextual 
shocks at the time of investment. 
 

How to better 
predict 
investment 
decision? 

• More and better data about the 
startup is needed. 

• Efforts should be allocated to 
capturing various characteristics of 
the startup. 

• There is more traction (and hence 
more data) as a startup matures. 
 

• Investor’s past investments are a 
reflection of their cognitive style. 

• Efforts should be allocated to 
documenting past investment 
decisions. 

 

• Understand the magnitude of the 
impact of incidental shocks. 

• Understand the conditions that 
exacerbate incidental shocks or 
act as boundary conditions. 

 

Related works 
on resource 
acquisition 

Burton et al., (2002); Franke et al., 
(2006); Hsu & Ziedonis (2013); 
Macmillan et al., (1985); Petty & 
Gruber (2011); Tyebjee & Bruno 
(1984). 

Brooks et al., (2014); Coleman & 
Robb (2009); Huang & Pearce (2015); 
Franke et al., (2008); Guler (2007); 
Pope & Sydnor (2011); Vissa (2011). 

The present study. 
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Figure 1: The Impact of Sunshine on a Prominent London-based Investor 

 
A screen capture of a LinkedIn post by a London-based VC investor who actively finances seed-stage startups. The 
LinkedIn post reads: “It’s hard to beat London in the sunshine. Even the most mundane scenes look beautiful ”. 
 

Figure 2: Realized Sunshine Hours in London: Nov. 2008 versus Nov. 2015  

 

The Y-axis records realized amount of sunshine (in hours). The X-axis is the day of the month. Note that sunshine 
duration and daylight duration are quite distinct measures. Daylight duration is a function of the time of year, 
increasing steadily from the winter to the summer solstice and decreasing afterwards. In contrast, sunshine duration 
can vary daily; zero hours can be experienced even in the summertime on a day that is overcast or foggy throughout. 
For example, November 2 received 0.5 hours of sunshine in 2008, but 1.75 hours in 2015. The variable ‘Sunnier’ 
would take the value 0 for both dates because the preceding day (November 1 2008 as well as 2015 respectively) 
received more hours of sunlight. 
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Figure 3: Test of Hypothesis 2: The Interaction Between Sunnier and Startup Age 

Panel A. Funding Likelihood for ‘Sunnier’ and ‘Non-Sunnier’ Demo Days  

 
Panel B. Funding Likelihood: The net effect (‘Sunnier’ minus ‘Non-Sunnier’ Demo Days) 
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Figure 4: Test of Hypothesis 4: The Interaction Between Sunnier and Human Capital 

Panel A – Funding Likelihood for ‘Sunnier’ and ‘Non-Sunnier’ Demo Days    

 

Panel B – Funding Likelihood: The net effect (‘Sunnier’ minus ‘Non-Sunnier’ Demo Days) 
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Figure 5: Screenshot of the Experimental Instrument  

          Imagine today is a sunny day. Yesterday’s clouds are nowhere to be seen. 

 

          Imagine today is a cloudy day. Yesterday’s sun is nowhere to be seen. 
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